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Abstract

The recent inflation surge brought inflation back on people’s minds. I quantify when and
how much attention to inflation changes and derive the macroeconomic implications of these
attention changes. I estimate an attention threshold at an inflation rate of 4%, that attention
doubles when inflation exceeds this threshold, and that supply shocks have stronger and more
persistent effects on inflation in times of high attention. Developing a model featuring the
attention threshold, I show that attention changes offer a joint explanation for inflation surges,

inflation’s co-movement with inflation expectations, and a long last mile of disinflation.
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1 Introduction

Inflation is back. After decades of low and stable inflation, inflation surged in many advanced
economies during the recovery phase of the pandemic. Inflation turned out to be higher and more
persistent than many expected.! With inflation rising, the public’s attention to inflation increased
as well (panel (a) in Figure 1), and as inflation peaked, households’ and firms’ inflation expectations
also started to pick up (panel (b) in Figure 1). During the build up of the inflation surge, however,
inflation expectations substantially underpredicted actual inflation. Only as inflation started to come
down, inflation expectations started to overshoot inflation and these expectations remained high while

inflation stayed persistently above its target of 2%.

Figure 1: Inflation, attention to inflation, and inflation expectations

(a) Inflation and Google Trends (b) Inflation and inflation expectations
11— ‘ ‘ : 11— : ‘ ‘
1ol —— CPI Inflation | 1ol —— CPI Inflation
—-=-Google Trends —--Household Exp. (shifted)
or N weeee Firm Exp. (shifted)
8r 8r
7t 7t
61 61
X X
51 51
4 4t
3r 3
27 27
1r 1r
0 0

2018 2019 2020 2021 2022 2023 2024 2018 2019 2020 2021 2022 2023 2024

Notes: Panel (a) shows U.S. CPI inflation (black-solid line) together with Google Trends searches of the word ‘inflation’
in the U.S. (blue-dashed line). Google Trends are normalized to have the same maximum as CPI inflation. Panel
(b) shows U.S. CPI inflation (black-solid line) together with one-year-ahead inflation expectations for U.S. households
(blue-dashed line) and firms (red-dotted line). Expectations are shifted by one year such that the vertical distance
to the black line captures the forecast errors. Household expectations are from the Survey of Consumers from the
University of Michigan and firm expectations from the Survey of Firms’ Inflation Expectations, provided by the
Cleveland Fed.

In this paper, I develop a framework of inflation expectations featuring state-dependent attention
levels where these joint dynamics of inflation, expectations, and attention arise endogenously. This
model delivers two key implications: (i) regime shifts in the responsiveness of inflation expectations
to inflation, and (ii) asymmetric inflation and inflation-expectations dynamics, including a persistent
overshooting of expectations and a long “last mile” of disinflation back to target. When inflation

exceeds an attention threshold, people pay more attention, expectations become more sensitive to

IFor example, Federal Reserve Chair Jerome H. Powell said in his 2021 Jackson Hole speech that inflation concerns
are “likely to prove temporary” (see https://www.federalreserve.gov/newsevents/speech/powell20210827a.htm).
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inflation, and these expectations can reinforce inflationary surges and make them more persistent.
When inflation falls back below the threshold, attention declines, expectations become less responsive
to disinflationary news, so expectations fall only gradually, and the economy experiences a prolonged
last mile. The recent inflation episode in Figure 1 provides a salient example of these dynamics.

To arrive at these results, I propose a tractable model of inflation expectations featuring state-
dependent attention reflected in an endogenous updating gain. Attention captures how strongly
agents update their short-run inflation expectations in response to forecast errors.” In the theoretical
framework that motivates my empirical approach, agents decide optimally how much attention to
inflation they want to pay. Their prior uncertainty increases as inflation increases and after inflation
exceeds a certain threshold, agents decide to increase their attention to a higher level at which
attention stays again constant even when inflation increases further. The threshold is endogenous
and depends on the underlying fundamentals of the attention problem. The theory thus predicts that
attention switches between two regimes, depending on whether inflation is below or above a certain
threshold.

The tractability of this framework allows me to bring the model to the data directly and I can
estimate the attention threshold and the attention levels in the two regimes jointly using survey data
from the University of Michigan’s Survey of Consumers for the period 1978 to 2024. I estimate an
inflation attention threshold at an annualized inflation rate of about 4%, and that attention is about
0.18 when inflation is below the threshold and practically doubles to 0.35 when inflation is above
the threshold. An attention level of 0.35 means that following a 1pp forecast error, agents increase
their inflation expectations by 0.35pp. I find that the data suggests that there is only one attention
threshold, that the threshold specification is preferred to smooth changes in attention, and that once
I control for this threshold, I do not find any evidence that attention increases with inflation within
regime. These results are robust across different specifications and data sets.

The attention regimes matter for the dynamics of inflation and inflation expectations. Using the
high-frequency identification of Kénzig (2021), I use oil supply news shocks as a proxy for supply
shocks and I find that inflation increases more than twice as much in response to these shocks when
they hit in the high-attention regime compared to the low-attention regime. A one standard deviation
shock that pushes inflation up by about 20 basis points on average across regimes, leads to a peak
increase in inflation of about 40 basis points when the shock hits in the high-attention regime. These
effects are persistent as they only diminish after about one to two years. Using regional data and
alternative measures of people’s attention, I further disentangle the effects of attention from other
changes in the economy that may arise from higher inflation, and find that attention indeed leads to
a stronger inflation response to supply shocks even when controlling for inflation directly.

Applying my results to the recent inflation surge, I find that the estimated attention threshold
implies that the U.S. economy entered the high-attention regime most recently in early 2021. To

2For example, Werning (2022) discusses why short-run expectations are more important than long-run expectations
for inflation. In Pfiuti (2025), I show that measuring attention to inflation by estimating how agents update their
short-run expectations correlates strongly with other measures of attention.



quantify the importance of this increased attention for the recent inflation surge, I first show that
the oil supply news shocks explain about 50% of the inflation surge from the time the U.S. economy
entered the high-attention regime in early 2021 until the peak in mid-2022. Without the attention
increase, however, the implied inflation increase would have only been half as strong.® These results
suggest that people’s higher attention to inflation is not merely a byproduct but an important driver
of sudden and persistent inflation surges.

To understand these findings as well as their implications for monetary policy, I develop a New
Keynesian model accounting for the attention threshold and the changing levels of attention. I find
that in response to an inflationary supply shock that pushes inflation above the attention threshold,
inflation keeps on increasing due to the attention increase. As attention increases, agents update their
inflation expectations more strongly in response to the increase in inflation. These higher inflation
expectations then fuel further inflation increases, leading to even higher inflation expectations. This
illustrates how what normally would be a transitory inflation shock can become a very persistent
one due to the heightened attention. As the shock dies out, inflation starts to decline after some
time. However, inflation may remain elevated for a substantial period of time, because once it falls
back below the threshold, people pay less attention to inflation, and hence, only slowly revise their
inflation expectations downward. As their prior expectations are now relatively high due to the
experienced high inflation period, expectations remain persistently high, leading to a slow decline of
actual inflation. The inflation attention threshold and changing degrees of attention hence offer a joint
explanation for why inflation surges tend to be hump-shaped, and why inflation expectations initially
fall short of actual inflation, but then surpass it once inflation starts to decline (as documented in
panel (b) of Figure 1, and consistent with Angeletos et al. (2020b) and Blanco et al. (2025) more
broadly). Therefore, changes in attention to inflation can explain why inflation may come down
relatively quickly at first, but then remains stubbornly above the central bank’s inflation target.

That inflation expectations stay persistently high, even when inflation has already fallen back
below the threshold, further gives rise to a heightened risk of another subsequent inflation surge.
The higher inflation expectations keep actual inflation higher for longer, and therefore, closer to the
attention threshold. Thus, a subsequent inflationary shock is more likely to push inflation back above
the threshold and therefore, leading to another episode of persistently high inflation, as for example
in the 1970s and 1980s in the U.S.

The attention threshold induces an asymmetry in the dynamics of inflation: attention increases
when inflation is particularly high but remains constant when inflation is particularly low. Relative
to the model abstracting from the attention threshold, this asymmetry increases the risk of periods
of persistently high and volatile inflation rates but leaves the risk of deflation largely unchanged.
This inflation asymmetry induced by the attention threshold also offers a potential explanation for

why we did not observe long lasting deflationary periods, for example, during the Great Financial

31 show that also other shocks, i.e., the inflation shock from Angeletos et al. (2020a) as well as monetary
policy shocks, become more inflationary in the high-attention regime, indicating that shocks generally become more
inflationary when attention to inflation is high.



Crisis (Coibion and Gorodnichenko, 2015b).* Using a wide range of alternative models, I show that
only the model with the attention threshold can account for the documented empirical patterns of
inflation and the asymmetry between periods of high vs low inflation.

This asymmetry also matters for the normative implications of the attention threshold. When
monetary policy sets the nominal interest rate following a relatively dovish Taylor rule, the associated
central bank losses are significantly larger compared to optimal policy rules or a strict inflation
targeting rule. The reason is that under a standard Taylor rule, the economy spends a substantial
amount of time in the high-attention regime in which inflation is high and volatile. Being frequently
in the high-attention regime also increases the average level of inflation due to the asymmetry of the
threshold which is costly for the central bank. By following a more hawkish monetary policy rule,

the central bank can mitigate these losses.

Related literature. This paper contributes to the literature on inflation expectations formation
and, in particular, on the role of limited and time-varying attention for expectations and their
macroeconomic implications. A central insight from the macroeconomic literature on the role of
expectations is that macroeconomic dynamics depend not only on the level of expectations, but
also on how responsive expectations are to incoming information: in most of these models, an
updating gain governs the responsiveness of expectations (Evans and Honkapohja, 2001; Eusepi and
Preston, 2011; Marcet and Nicolini, 2003; Gati, 2023; Evans and Ramey, 1995; Morris and Shin,
2002; Jorgensen and Lansing, 2024). Within this literature, the paper is most closely related to
work on endogenous gains and unanchoring of inflation expectations. Existing contributions study
how the degree of anchoring affects inflation dynamics and optimal policy, either through
continuously varying gains (Gati, 2023) or through discrete changes in anchoring (Carvalho et al.,
2023). A key contribution of the present paper is to provide a tractable, attention-based
microfoundation for an endogenous gain that changes discretely across regimes through an inflation
attention threshold, delivering (i) regime shifts in responsiveness and (ii) asymmetric
inflation-expectations dynamics, including a long “last mile” of disinflation.

More broadly, the paper relates to models of costly information acquisition and imperfect
information updating, including rational inattention and sticky expectations (Sims, 2003, 2010;
Reis, 2006a,b; Lorenzoni, 2009; Mackowiak and Wiederholt, 2009; Paciello and Wiederholt, 2014;
Afrouzi and Yang, 2021), as well as (potentially state-dependent) behavioral inattention (Gabaix,
2020). In contemporaneous work, Bianchi et al. (2024) develop a model of smooth diagnostic
expectations in which expectations may overreact more in uncertain times. In contrast, the present
paper emphasizes discrete regime shifts in attention and their macroeconomic implications.

Pfauti (2025) documents that before the recent inflation surge, attention to inflation was at a

4In fact, annualized quarter-on-quarter CPI inflation was negative only 7% of the time between 1978 and 2023,
whereas it exceeded the attention threshold about 30% of the time during the same period.



historical low.” Bracha and Tang (2025) find that when inflation increases, attention to inflation
increases as well. Korenok et al. (2023) find, for a large number of countries, that people’s attention
to inflation increases with inflation only after inflation exceeds a certain threshold. Using Google
search data for the period from 2004 to 2022, they estimate this attention threshold to be at an
annualized inflation rate of 3.55% for the U.S. Buelens (2025) uses internet search behavior of
households in the Euro Area to show that this form of attention to inflation positively depends on
the level of inflation. Cavallo et al. (2017) show that survey respondents in high-inflation
environments (Argentina) respond less to information about inflation than in low-inflation
environments (United States), which is consistent with higher attention to inflation in times of high
inflation. Weber et al. (2025) confirm, using a range of randomized control trials spanning over
several years and different countries, that attention of households and firms is indeed higher in
times of high inflation. Kroner (2024) focuses on financial markets and shows that
attention—measured as asset price responses to inflation news—is higher in times of high inflation.
My key innovation relative to these papers is that I provide estimates of the attention threshold
and the attention levels in the two regimes in a way that directly maps into otherwise standard
macroeconomic models, and I quantify the macroeconomic implications of these attention changes.

[ further contribute to the literature on the state dependency of shocks (Auerbach and
Gorodnichenko, 2012a,b; Caggiano et al., 2014; Ramey and Zubairy, 2018; Tenreyro and Thwaites,
2016; Aastveit et al., 2023; Jo and Zubairy, 2025). The two papers most closely related are Ascari
and Haber (2022) and Joussier et al. (2023). Ascari and Haber (2022) show that the inflationary
effects of monetary policy shocks are larger in times of high trend inflation. Joussier et al. (2023)
find that French firms pass through energy price shocks more to their prices in times of high
inflation.® I complement this work by highlighting a specific expectations channel—state-dependent
attention to inflation—through which both supply and monetary shocks propagate more strongly
when inflation is high, and by showing that the same mechanism can generate an asymmetric
return to target that lengthens the “last mile” of disinflation.

This paper also contributes to the ongoing debate about the drivers of the recent inflation surge
and offers an alternative and complementary perspective by highlighting the role of people’s

heightened attention during that period. The existing literature emphasizes supply-side factors and

SFor the years before the recent inflation surge, Candia et al. (2024, 2023) and Coibion et al. (2023) show that U.S.
firms as well as households are usually poorly informed about and inattentive to inflation and monetary policy (see
also Weber et al. (2022) for a recent review). Goldstein (2023) also finds that inattention varies over time. Different
forms of changing attention are considered, e.g., in Coibion and Gorodnichenko (2015a) who show state-dependence in
the degree of information rigidity (focusing on GDP growth), or in Kim and Binder (2023) who examine how repeat
participation in surveys that ask about inflation expectations may lead to higher attention to inflation, or in Flynn
and Sastry (2022) who show—Dby using a textual proxy for firms’ attention toward macroeconomic conditions—that
attention is counter-cyclical, or Gallegos (2023) who shows that firms’ less sluggish inflation expectations after the
Great inflation period offer a potential explanation for the decrease in the persistence of inflation as found, e.g., in
Benati (2008). York (2023) exploits differences in survey dates to examine how inflation expectations respond to
macroeconomic news releases.

6Based on the present paper and Korenok et al. (2023), Joussier et al. (2023) use Google Trends data to proxy
for attention to energy prices and energy cost and show that the pass through of energy shocks to prices in France is
stronger in times of higher attention to energy prices.



bottlenecks (Shapiro, 2024; Bernanke and Blanchard, 2025; Amiti et al., 2023; Gagliardone and
Gertler, 2023), fiscal forces and beliefs about the fiscal framework (Bianchi and Melosi, 2022;
Bianchi et al., 2023), nonlinearities and labor-market mechanisms (Cerrato and Gitti, 2022; Gitti,
2024; Benigno and Eggertsson, 2023; Ball et al., 2022; Lorenzoni and Werning, 2023; Crump et al.,
2024; Erceg et al., 2024), and changes in price adjustment behavior (Cavallo et al., 2024; Blanco
et al.,, 2024). In contrast to these papers, I focus on the role of changes in attention to inflation.
Attention serves as a complementary propagation mechanism rather than as an exogenous impulse,
and offers an explanation for the observed interplay between inflation and inflation expectations

(panel (b) in Figure 1) as well as for the long last mile of disinflation.”

Outline. In Section 2, I develop the theoretical model of state-dependent attention and estimate
the inflation attention threshold and attention across regimes. In Section 3, I show that the attention
regime matters for the inflationary effects of shocks, and quantify the role of attention for these effects.
I introduce the New Keynesian model with limited attention in Section 4, and the model’s positive
results in Section 5. In Section 6, I discuss the threshold’s normative implications and Section 7

concludes.

2 Attention and the Inflation Attention Threshold

In this section, I present a model of inflation expectations formation with limited and state-dependent
attention. Attention governs how strongly agents update their inflation expectations when receiving
new information. When inflation is low, agents update their inflation expectations relatively little
and place more weight on their prior beliefs, whereas they update their expectations more strongly
when inflation is high. I then bring this model to the data to estimate how and when attention to

inflation changes. I relegate detailed derivations and microfoundations to Appendix A.

2.1 Attention to inflation

In order to estimate how and when attention to inflation changes, I extend the method I develop in
Pfauti (2025). The agent believes that inflation in the next period, 7/, depends on inflation today,
m, as follows:

! ~
T = prT + U,

where v ~ 7.i.N.(0,02), and p, € [0, 1] denotes the perceived persistence of inflation.® Inflation in

the current period is unobservable, so before forming an expectation about future inflation, the agent

"See Binder and Kamdar (2022) for a narrative history of how inflation and inflation expectations evolved jointly
during several recessions and periods of high inflation since the Great Depression.

8That inflation expectations solely depend on perceived inflation is supported by a large empirical literature
documenting that perceived inflation is indeed the key predictor for inflation expectations (see, e.g., Jonung (1981)
and Weber et al. (2022) for households and Candia et al. (2023) for firms). That said, however, I also allow for a
multivariate expectations formation process in the estimation later.



needs to form expectations about today’s inflation. Given this perceived law of motion, the full-
information forecast is given by p.7. But because 7 is not perfectly observable, the actual forecast
will deviate from this full-information forecast. These deviations are costly and the agent can pay
more attention to reduce these deviations. Thus, the agent’s choice is not only about how to form
her expectations given certain information, but about how to choose and process this information
optimally, while taking into account how this will later affect her forecast.

The agent’s prior is assumed to be Gaussian; 7 ~ N (77" %) with 77" denoting the prior mean
2

T

and o2 the prior uncertainty. I assume that the agent’s prior uncertainty, o2, increases smoothly
(strictly monotonically) with the level of inflation. This assumption reflects the strong positive
empirical correlation between the inflation level and its volatility. In my baseline sample, for example,
the correlation between the average level of inflation and its volatility, computed within five-year

rolling windows, is 0.76. The agent knows o2, but she cannot back out the inflation rate from
29

T

observing o

The signals the agent obtains are Gaussian:
S=Tm+¢,

with noise & ~ 7.i.N.(0,02). Attention is inversely related to the noise variance o2 which is chosen
optimally. Hence, paying more or less attention is akin to choosing whether to acquire more or less
precise signals.

Given the Gaussian prior and signal, the optimal forecast, 7¢, takes the form:
7€ = ,57r (1 _ 7#) 7T.prior 4 ﬁw’)/ns, (1>

where 7, € [0,1] measures the agent’s attention to inflation, and I refer to it as attention or the

10" Note that v, is akin to a Kalman gain where this gain is chosen

updating gain, interchangeably.
optimally as it reflects the agent’s attention choice. Hence, the results in this section can be viewed
as an attention-based microfoundation for models of endogenous or time-varying updating gains and
unanchoring (as, e.g., in Gati (2023)). When the agent is inattentive, she obtains relatively noisy
signals and thus, puts little weight on these signals, reflected in a small ~,. Therefore, lower attention,
i.e., a lower v,, implies that the agent updates her expectations to a given signal s less strongly and
instead puts more weight on her prior beliefs w?rr.

Equation (1) describes how agents form their inflation expectations for a given level of attention

9Note that o2 is the agent’s subjective uncertainty, which is part of the agent’s information set, whereas the
realization of current inflation, m, is not perfectly observed. As in rational-inattention models more broadly, I take
the agent’s perceived distribution of inflation (including its second moment) as given when attention is chosen. This
abstracts from learning or uncertainty about uncertainty itself. Consistent with my model, Li et al. (2025) show that
inflation uncertainty increased substantially during the recent inflation surge.
0,2

10The updating gain 7, captures the signal-to-noise ratio and can be written as vy, = 1 — 0”2‘ € [0,1], where o2

denotes the agent’s prior uncertainty about inflation, and ‘7727\3 the posterior uncertainty given the signal s.



V.. Attention, however, is a choice and the agent chooses 7, optimally, given the current inflation
environment and the costs and benefits of paying attention. As I detail in Appendix A, I assume
that the agent obtains a certain level of attention for free, which I denote 7, 1, where L denotes that
this is a relatively Low level of attention. Increasing attention beyond this level allows the agent
to predict inflation more accurately and hence, the agent makes smaller mistakes. Increasing her
attention, however, is costly and the agent solves this trade off optimally. In contrast to most models
of rational inattention (see, e.g., Mackowiak et al., 2023, for a recent review), the agent in my model
can choose between paying either a fixed cost, in which case her attention jumps to a Higher level
of attention, v, g > 7,1, or paying a standard mutual information cognitive cost and adjust her
attention to inflation smoothly.'*

As inflation increases, the agent’s prior uncertainty increases. Therefore, the cost of being
inattentive increases with the level of inflation and the agent becomes more likely to increase her
attention. Under conditions I derive in Appendix A, the agent’s optimal attention choice takes on
the behavior shown in Figure 2.' The figure shows the optimal attention level v* on the vertical
axis at different levels of inflation on the horizontal axis.

The figure illustrates how agents optimally allocate their attention to inflation. At relatively low
levels of inflation, agents do not pay more attention than what they obtain for free. The reason is that
their prior uncertainty is low in these times and hence, the benefit of increasing their attention is less
than the costs of doing so. Once inflation exceeds a threshold, 7, the agent pays the fixed cost and
her attention jumps to v, z. Attention then stays constant at -, g even at higher levels of inflation.
Up until a second threshold at which attention jumps once more after which it increases smoothly
with inflation. This second jump mirrors the agent’s decision to pay the mutual information cost
instead of the fixed cost. The reason is that with the fixed cost, the agent’s attention is stuck at
7= and hence, the agent’s losses from not being fully attentive increase as inflation increases. Once
these losses are large enough, the agent decides to pay the mutual information cost which allows her
to increase attention even further. The empirical results in the following section suggest, however,
that this last part has not been relevant in the U.S. since the beginning of my sample. Nevertheless,
it illustrates that attention may increase even further if inflation reaches these very high levels.

The state-dependent attention gain implies an asymmetry in the agent’s expectation formation:
if inflation and prior expectations are low, attention is low and expectations only update slowly in
response to new signals which means that expectations remain relatively low. If inflation is high,
attention rises and expectations are updated strongly. Hence, expectations may increase quickly

when inflation itself is high. If inflation declines after a period of high inflation and people become

HMutual-information costs have an axiomatic foundation, but adding a fixed-cost attention option means the overall
cost structure is best viewed as a hybrid menu of information technologies and thus need not satisfy all axioms that
characterize pure mutual-information costs. This allows me to solve for attention and the attention threshold in closed
form, and Section 2.2 shows that the data favor the threshold specification.

2In Appendix A, I provide all the details necessary to derive Figure 2 and characterize the threshold analytically.
One important condition that needs to hold is that the fixed cost the agent needs to pay for an attention level of vy, g
must be relatively low compared to the mutual information cost.



Figure 2: Optimal attention
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Notes: This figure shows optimal attention to inflation, v}, as a function of the level of inflation 7. The attention
levels v 1 and v, g are at 0.18 and 0.35 to be consistent with the empirical findings in Table 1.

less attentive, updating becomes slower again. However, if people’s prior beliefs are higher after
an inflationary episode, the slower updating implies that inflation expectations remain stubbornly

higher.

Dynamic model. To bring the attention model to the data, I now introduce dynamics. The agent

believes that inflation 7 follows:
T = (1 — pr)T + PaTi—1 + 1,

where 7 is the agent’s long-run belief about inflation. I assume that the error term v, is normally

distributed with mean zero and variance o2. The agent receives a signal about inflation of the form:
Sy = Ty + &4,

where the noise &; is normally distributed with variance o2. As in the static model, higher attention
is reflected in less noise, i.e., a lower o2.

Figure 2 suggests that there are two attention regimes: one with low attention and low inflation,
and one with high attention and high inflation. As I show in the following, this two-regime
specification is the specification that the data prefers, relative to specifications with more than two
regimes or smooth changes in attention. I use subscripts r to denote (potentially) regime-dependent
parameters. Note, however, that my estimation approach does not impose that attention has to be
higher when inflation is higher.

I assume that agents always use the steady state Kalman filter in each regime r € {L, H}, so that

10



optimal updating in a given regime r is given by:

7Tt€+1|1t = (1 - ﬁﬂ,r)ﬂr + 157T,T‘7Tt6|t71 + PV (7Tt - Wte\tfl) + M, (2)

where 7, captures how attentive the agent is."” Explicitly accounting for the attention threshold 7,

agents form their one-period ahead inflation expectations according to:

(1 - ﬁTl’,L)EL + ﬁTr,LTrte‘t,1 + ﬁT(,L’Yﬂ',L <7Tt - 7Tte|t,1) + Mt when M1 < T

(3)

7Tte+1|t =
(1 - pw,H)ﬂH + p7r,H7rf|t71 + Pr,H V7, H <7Tt - 7Tf|t71> + M, when -1 Z .

Here, m/ 1, denotes expectations about inflation in period ¢ + 1 based on time-t information. Note
that I allow the long-run mean belief, 7, the perceived persistence, p,,, and attention, v, ,, to differ

across regimes.'* I discuss alternative specifications and robustness checks at the end of the section.

2.2 Estimating attention and the attention threshold

Data. As my baseline measure of inflation expectations, I rely on the Survey of Consumers from
the University of Michigan. I use average and median household inflation expectations for the period
1978M1-2024M5. For the period 2013-2024, I also use individual inflation expectations from the
Survey of Consumer Expectations from the New York Fed. Even though I focus on inflation and
inflation expectations over one quarter, I use monthly data to increase the number of observations.
As a robustness check, however, I also consider expectations at quarterly frequency. One advantage
of using quarterly observations is that the Survey of Consumers provides mean expectations going

back to 1960Q2. Both surveys ask consumers for their price growth expectations one-year ahead:

e — T
t+3)t — 4

quarter-ahead expectations allows me to compare the results directly to the model which is calibrated

T L 19)¢- I transform them into one-quarter-ahead forecasts as follows: 7 . Computing one-

at quarterly frequency. For actual inflation, I use the monthly CPI inflation rate from the FRED
P —P_3
P53 -

As I show in Appendix B, the results are qualitatively similar when using one-year-ahead expectations

database and to be consistent with the model, I focus on quarter-on-quarter inflation: m; =

and year-on-year inflation as the actual measure of inflation.

Estimating attention and the attention threshold. In order to estimate the two attention

levels 7, for r € {L, H}, as well as the attention threshold 7, I estimate the following threshold

13 Assuming that agents always use the steady state Kalman filter is a standard assumption in the rational inattention
literature and basically means that the agent receives all her signals before forming her expectations (see, e.g.,
Mackowiak and Wiederholt (2009); Mackowiak et al. (2018, 2023)). This leaves conditional second moments time-
invariant and thus, the optimal level of attention constant. An important recent paper that relaxes this assumption is
Afrouzi and Yang (2021). However, they focus on the linear-quadratic-Gaussian case which in my case is not applicable
due to the non-linearity introduced by the attention threshold.

4Note that Nt = PrrYrrEt. Lhrough the lens of the rational inattention model, ¢;, and thus, 7, are uncorrelated
with the independent variables.

11



regression:

7Tte+3|t =1 _<# (607L + ﬁLLﬂ-at—B + Bar (7Tt - 7Tte\t—3))

(4)
+ (1= 1 <z) (Bow + BruT—s + Bom (m — Wf|t_3)) + €,

where Sy, = (1 — pp,)m, denotes the intercept in regime r € {L,H}, B1, = pa, the perceived
persistence, and % = 7., the attention level in regime r. I therefore not only allow the attention
parameters to differ across regimes, but also the perceived persistence of inflation as well as agents’
long-run beliefs about inflation. 1., ,<z is the indicator function that equals one when inflation in
the previous month 7;_; was below the threshold 7 and zero otherwise. The threshold value is then
estimated jointly with the regression coefficients by minimizing the sum of squared residuals obtained
for all possible thresholds (see, e.g., Gonzalo and Pitarakis (2002) and Hansen (2011)). Note that I
do not impose that the attention level in the regime in which inflation is above the threshold needs

to be higher than in the regime with inflation below the threshold.

Estimation results. Table 1 shows the estimation results. For the baseline specification, I estimate
an attention threshold of 7 = 3.91%. Attention in the regime in which inflation is below this threshold
is Y = 0.18, and attention in the high-inflation regime is equal to 4, g = 0.35. Thus, attention in
the high-inflation regime is higher than in the low-inflation regime, and I therefore refer to the regime
with inflation above the threshold as the high-attention regime. The threshold value of 3.91% implies
that the U.S. economy spent about 32% of the time between 1978 and 2024 in the high-attention
regime. Most recently, inflation exceeded this threshold in early 2021. Google searches also started
to increase around that time (see panel (a) in Figure 1 in the Introduction). These findings are
consistent with the theoretical predictions in Figure 2.

To test for multiple thresholds, I use the Bayesian Information Criterion (BIC) to select the
number of thresholds, and I find that the data prefer the specification with only one threshold.'

Table 1: Estimated attention levels and the attention threshold
Threshold 7 Low Att. Ve High Att. Az g p-val. Hy : Yor = Yrom

Mean expectations 3.91% 0.18 0.35 0.000
s.e. (0.018) (0.042)

Notes: This table shows the results from regression (4), where 7 denotes the estimated threshold, Ar,r and Y g the
estimated attention levels when inflation is below or above the threshold, respectively. The last column shows the
p-value for the null hypothesis that the two attention levels are equal. Standard errors for the attention estimates are
computed using the delta method, based on Newey—West heteroskedasticity- and autocorrelation-robust covariance
estimates with 12 lags.

15For example, the BIC increases from -534.12 to -524.70 when going from one to two thresholds and to -512.03 when
going to three thresholds. The BIC is given by T'ln (SSR/T) + kln (T'), where k is the number of parameters, T' the
number of periods, and SSR the sum of squared residuals. As a robustness check, I also consider the Hannan-Quinn
IC and find that also the HQIC selects the model with one threshold only.
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2.3 Robustness

I now discuss the robustness of these results. I summarize the additional tests here briefly and

relegate a detailed discussion of all these results to Appendix B.

Median expectations. The results are robust to using median expectations instead of average
expectations. The estimated threshold value is somewhat higher, and the attention gains lower. The
lower attention gains are consistent with the fact that median expectations tend to be less volatile

than mean expectations.

Quarterly frequency. When I run regression (4) at quarterly frequency instead of monthly
frequency, I obtain a similar though slightly lower threshold value, and attention estimates that are

very close to my baseline estimates.

Alternative threshold-defining variables. [ show that using current inflation or inflation
volatility instead of last month’s inflation rate as the threshold-defining variable leads to similar
results. I also show, however, that the BIC prefers the level, not the volatility, as the

threshold-defining variable.

Other surveys. [ also consider individual household expectations from the New York Fed Survey of
Consumer expectations, as well as firm expectations from the Survey of Firms’ Inflation Expectations
from the Cleveland Fed. Even though the samples for these surveys are much shorter, the findings
are consistent with the baseline results in Table 1. Professional forecasters, on the other hand, behave

quite differently than households and firms.

Regional variation. The Survey of Consumers also provides the regions consumers are in, which
allows me to leverage regional variation to test for the robustness of my results. In particular, I use
the four census regions West, North East, North Central (or Midwest) and South. Doing so, and

controlling for region-specific fixed effects leaves my baseline estimates largely unchanged.'®

Alternative attention measure. [ consider an alternative measure of attention to inflation,
following Bracha and Tang (2025). I extend their estimation until 2024 and estimate attention both
at the aggregate as well as at the regional level. I find that my results are robust to this alternative
attention measure by showing that the implied threshold is similar to the one estimated in Table 1,
and that the differences in attention across regimes are significant. I further show that the data

prefer having exactly one threshold, and that controlling additionally for inflation does not affect

6For this, I use the following series from the FRED database: Consumer Price Index for All Urban Consumers:
All Ttems in South (CUURO0300SAO0), Consumer Price Index for All Urban Consumers: All Items in Northeast
(CUURO0100SAO0), Consumer Price Index for All Urban Consumers: All Items in West (CUUR0400SA0), Consumer
Price Index for All Urban Consumers: All Items in Midwest (CUUR0200SAO).
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these results and that the coefficients related to inflation are insignificant, supporting the

two-regime specification.

A multivariate system of inflation expectations. The agent’s perceived law of motion of
inflation could in principle also depend on other variables instead of being an AR(1) process. To test
whether this affects my results or not, I allow inflation expectations to also depend on unemployment
expectations. I find that the coefficients related to unemployment are not significantly different from

0 and the coefficients related to inflation are largely unaffected.

Markov-switching model. An alternative approach to estimate regime-dependent attention gains
is estimating a Markov-switching model where I do not need to take a stance on what defines the
regimes. The results I obtain from following that approach are consistent with the ones reported in
Table 1.

Smooth changes in attention. When I allow for additional terms in regression (4) capturing
potential additional effects of past inflation or inflation volatility, I find that the data (according to
the Bayesian Information Criterion) prefers my baseline specification. Additionally, I find that my
baseline estimates are largely unchanged and that the additional coefficients are economically very

small.

Attention changes within regime. I estimate a time series of attention gains and regress these
attention gains on the level of inflation as well as on a dummy variable capturing the threshold. The
dummy coefficient is highly statistically significant, whereas the other coefficients are not. These
results further support the view that attention follows the threshold-like behavior, consistent with

the theoretical predictions in Figure 2.

Long-run expectations. As I detail in Appendix B, I can also use long-run expectations to
estimate the attention gains as well as the attention threshold. The findings I obtain when following
that approach are very close to my baseline estimates in Table 1. Similarly, controlling for long-run

expectations in regression (4) leaves my baseline results largely unchanged.

3 Inflation Dynamics Across Attention Regimes

In this section, I show that negative supply shocks have more inflationary and longer-lasting effects
when attention is high, and that the increase in attention in early 2021 roughly doubled the

inflationary effects of supply shocks in the subsequent inflation surge.

Supply shocks. As my empirical measure of supply shocks, I use the oil supply news shocks from
Kénzig (2021) for the period 1975M1-2022M12. In a first step, oil surprises are identified by using
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institutional features of the Organization of the Petroleum Exporting Countries (OPEC) and high-
frequency data on variation in oil futures prices around OPEC announcements. In a second step, the
resulting surprises are then used as an external instrument in an oil VAR, to identify a structural
oil supply news shock. In the following, I show the responses to a negative shock that pushes up
oil prices and lowers oil production. I refer to these shocks as oil news shocks, cost-push shocks or

supply shocks interchangeably.

Attention regimes. Given the results in Section 2, I define the high-attention regime to be periods
in which inflation in the previous month exceeded 3.91%. As an alternative indicator for the attention
regimes, I also use Google Trends data, with the drawback that this data is only available since 2004.
However, it will allow me to disentangle attention from other changes in the economy that tend to
arise when inflation is higher (e.g., changes in the frequency of price adjustments, see, e.g., Blanco
et al. (2024)). The Google data is normalized such that the month with the most Google searches
of the word “inflation” is assigned a value of 100 and all the other months are expressed relative to
that month. I assign months to the high-attention regime when Google searches of inflation in that
month exceed the 75" percentile.!” As a robustness check, I also use the attention measure proposed

by Bracha and Tang (2025) as an alternative.

Table 2: Shock properties across regimes

Regime Mean Standard deviation
Inflation as regime-defining variable

High -0.017 0.554

Low 0.008 0.550
Google Trends as regime-defining variable

High -0.007 0.685

Low 0.021 0.622

Notes: This table shows the mean and the standard deviation for the oil supply news shocks across the two attention
regimes. The upper part of the table shows the case where the previous month’s inflation is the threshold-defining
variable and the lower part the case where Google Trends are used to identify the two regimes.

Table 2 lists the mean and the standard deviation of the shocks for the high-attention and low-
attention regime, separately. The upper part of the table shows these statistics for the case in which
the regimes are defined based on whether the previous month’s inflation rate was below or above the
3.91% threshold, and the lower part of the table for the case where the regimes are defined based
on Google Trends data. We see that in both cases, the shock series have similar first and second
moments across regimes. When using Google Trends as the regime-defining variable, the volatility
of the supply shocks is slightly higher in times of high attention. However, the following empirical

results remain robust even when excluding shocks that are larger than one standard deviation. Thus,

1"When I compute the pre-2020 (or also pre-2021) mean figoogle and standard deviation Ggoogie, and then estimate
the 95th percentile under the assumption of an underlying normal distribution as figoogiec +1.645 - Ggoogic, the resulting
value is practically identical to the 75th percentile of the full sample.
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the following results are unlikely to be driven by differences in the shock series across regimes.'®

The role of the attention regime for the propagation of supply shocks to inflation. To
examine whether the effects of negative supply shocks on inflation differ across regimes, I estimate
the local projection (Jorda, 2005):

Tt = ]lH (af + Bfgt) + (1 — ]IH) (CYJL + Bf&g) + F/Xt + €t+j, (5)

where 7., ; denotes inflation at time ¢ + j, 1y is an indicator function that equals one when the
economy is in the high-attention regime at the time of the shock and 0 else, ¢, denotes the shock
at time ¢ and X; are controls. In my baseline estimation, I use four lags of the shock, four lags of
the unemployment rate, of inflation and of inflation expectations as controls. In Appendix C, I show
that the results remain robust when using other controls.

Figure 3 shows the estimation results of regression (5). Panel (a) depicts the inflation response to
a negative oil news shock in the high-attention regime, panel (b) in the low-attention regime, panel
(c) shows the average effect, and panel (d) the difference between the effects in the high-attention
regime and the low-attention regime. In all cases, I consider a one-standard deviation shock. The
dark shaded areas depict the 68% confidence bands and the light-shaded areas the 90% confidence
bands. Standard errors are robust with respect to serial correlation and heteroskedasticity (Newey
and West (1987) with 12 lags).

Inflation increases about twice as much in the high-attention regime compared to the low-attention
regime. These differences are quite persistent and statistically significant at the 10% significance level
in the first six months. Thus, when the economy is hit by a one-standard deviation supply shock
when people’s attention to inflation is high, inflation increases on average by about 40 basis points.
In contrast, when attention to inflation is low at the time of the shock, inflation only increases by
about 20 basis points. Figure 14 in Appendix C shows that the results are very similar when using

Google Trends as the regime-defining variable.

Regional variation. As in Section 2, I now also use regional variation of the four census regions.
In particular, I use region-specific CPI inflation as the dependent variable. Additionally, I control
for region fixed effects as well as four lags of region-specific inflation, plus interactions of those with
the shock, to control for local shocks that may drive inflation independently of attention.

Figure 4 shows the results. We see that the results are very similar to my baseline specification
even though the overall effects are slightly smaller and the confidence bands for the high-attention
regime wider.

The regional data also helps me to disentangle attention from other phenomena that arise with

higher inflation. To do so, I take two approaches. In the first one, I use Google Trends as the attention-

BExcluding large shocks also helps to address the issues that may arise with state-dependent local projections when
the state is endogenous (Gongalves et al., 2024).
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Figure 3: Inflation response to an oil supply news shock
(a) High-Attention Regime (b) Low-Attention Regime
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Notes: This figure shows the inflation response to an oil supply news shock (equation (5)) in the high-attention regime
(panel (a)), the low-attention regime (panel (b)), on average across regimes (panel (c)), and the difference between
the two regimes (panel (d)). The dark shaded areas depict the 68% confidence bands and the light-shaded area the
90% confidence bands. Standard errors are robust with respect to serial correlation and heteroskedasticity (Newey
and West (1987) with 12 lags).

regime defining variable for the four different regions.'” To control for other phenomena apart from
attention that may arise with inflation, I further include an interaction term of the shock with lagged
inflation, and I include region fixed effects. Panels (a)-(c) in Figure 5 show the results. In particular,
we see that adverse oil supply news shocks have a strong and persistent effect on inflation when
attention is high, whereas the effects in times of low attention are substantially weaker. In addition,
the interaction term with inflation is practically zero at all horizons. These results therefore suggest
that attention to inflation renders supply shocks more inflationary even when controlling for inflation
itself. The results in panels (a) and (b) also suggest that the inflation response is qualitatively different
across the two regimes. While inflation peaks on impact in the low-attention regime, it shows more

of a hump-shaped response in the high-attention regime. Following Coibion et al. (2017), I test the

19T take the average within each month across all states within a particular census region in order to aggregate
Google Trends at the census region level.
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Figure 4: Inflation response to an oil supply shock using regional variation

(a) High-Attention Regime (b) Low-Attention Regime
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Notes: This figure shows the inflation response to an oil supply news shock in the high-attention regime (panel (a)),
the low-attention regime (panel (b)), on average across regimes (panel (c)), and the difference between the two regimes
(panel (d)) when using regional variation and region-specific CPI inflation. The dark shaded areas depict the 68%
confidence bands and the light-shaded area the 90% confidence bands. Standard errors are robust with respect to
heteroskedasticity as well as serial and cross-sectional correlation.

joint null hypothesis that the difference in impulse responses between the high- and low-attention
regimes is zero at all horizons h = 0, ..., 24, and reject it with an associated p-value of 0.008.

In the second approach, I control for time and region fixed effects and for regional-specific inflation,
as well as an interaction term of the shock with regional inflation in order to control for other local
shocks that may affect inflation other than attention.?’ However, since the regimes based on Google
Trends overlap strongly across regions—and are therefore largely absorbed by time fixed effects—I
instead include an interaction term of last month’s Google Trends searches with the shock rather than
focusing on regimes. Panel (d) in Figure 5 shows that this interaction term is highly significant in the
first 10 months (the coefficient is normalized to show the additional effect of a one standard deviation
shock when Google Trends is one standard deviation above its mean). These results indicate that

the different inflation responses across attention regimes are unlikely to be solely driven by aggregate

29T include four lags of Google trends, regional inflation, and regional inflation interacted with the shock.
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phenomena that may confound the results, such as different policy responses across regimes, a general
increase in the frequency of price adjustments, or an increase in the slope of the aggregate Phillips
curve. Furthermore, controlling for regional fixed effects, inflation and inflation interacted with the
shock, the findings in panel (d) are unlikely to be driven by local characteristics or local shocks and
changes that affect inflation through other channels than attention. Instead, the significant effects
arising from more Google searches of inflation indicate that higher attention indeed drives at least

partly the different inflation responses observed across regimes.

Figure 5: Disentangling attention and inflation

(a) High-Attention Regime (b) Low-Attention Regime
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Notes: This figure shows the inflation response to an oil supply news shock in the high-attention regime (panel (a)) and
the low-attention regime (panel (b)) when using regional CPI data and when controlling for the interaction of the shock
with last-month’s inflation (which is shown in panel (c)). The attention regimes are based on Google Trends. Panel
(d) shows the interaction term of Google Trends with the shock (for a one standard deviation shock and Google Trends
being one standard deviation above its mean) when controlling for regional CPI inflation and time and region fixed
effects. Standard errors are robust with respect to heteroskedasticity as well as serial and cross-sectional correlation.

Other shocks. So far, I focused on the implications of supply shocks on inflation. In Appendix
C, I show that other shocks become more inflationary in the high-attention regime as well. In
Figure 12, T show that inflation responds twice as much to the main inflation shock from Angeletos

et al. (2020a) and that these differences are highly persistent. In Figure 13, I show that inflation also
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responds more strongly in the high-attention regime to monetary policy shocks identified using a high-
frequency identification (the shocks are taken from Jarocinski and Karadi (2020) and are purged from
the information effects of monetary policy statements). These findings suggest that higher attention
to inflation not only renders supply shocks more inflationary, but shocks more generally become more

inflationary. The predictions of the model derived later will be consistent with these findings.

Robustness. In Appendix C, I discuss a number of robustness checks. In particular, I show that
my results are not driven by different oil price responses (Figures 15 and 16) or a higher sensitivity of
macroeconomic variables in general (Figures 17 and 18). The results are very similar when excluding
the Covid period (Figure 19), or when excluding the Great Inflation period (Figure 20). Similarly,
the results remain robust when using different control variables (Figures 21 and 22), or when focusing
on the cumulative changes in the price level rather than the cumulative changes in inflation compared
to the initial inflation rate (Figure 23). I also use the attention measure based on Bracha and Tang
(2025) and show that the results remain robust to using this alternative measure (Figure 24). I also
consider two alternative approaches to construct Google Trends at the regional level (Figure 25).
Overall, the results in this section show that inflation responds 2-3 times as strongly to inflationary

supply shocks when the public’s attention to inflation is high compared to periods in which it is low.

The role of attention in the recent inflation surge. In Appendix C.3, I use the empirical
estimates of this section to show that (i) the oil supply news shocks considered in this section, and
(ii) the increase in people’s attention in early 2021 in the United States contributed in a quantitatively
important way to the subsequent inflation surge in 2021 and 2022. In particular, I estimate that the
oil supply news shocks explain about half of the inflation dynamics between 2021 and 2022, but that

without the attention increase, these effects would have only been about half as pronounced.

4 A Monetary Model with the Attention Threshold

To better understand the underlying mechanisms of the empirical results of the previous section, as
well as the macroeconomic implications of the attention threshold more generally, I now introduce the
attention threshold and changing degrees of people’s attention to inflation in an otherwise standard
New Keynesian model (Woodford, 2003; Gali, 2015).

4.1 Households

There is a representative household obtaining utility from consumption and disutility from working,
with lifetime utility:
Ey> p'Z[log (Cy) — EH,] (6)
t=0
where C; is consumption of the final good, H; is hours worked, S is the household’s time discount

factor, and E, denotes the household’s subjective expectations operator based on information
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available in period t. Z; are exogenous preference shocks. The parameter = is the utility weight on
hours worked.

Households maximize their lifetime utility subject to the flow budget constraints:

14+ Ri_q TtH
C,+ B =W,H +———DB,_ = for all ¢ 7
+ + Dy ey + L+ t1+Pt, or all 7, (7)

where B; is the real value of government bonds, W; the real wage, m; is the net inflation rate, and R;
the nominal interest rate. T/ comprises lump-sum taxes and transfers from the government as well
as firm profits.

Maximizing (6) subject to (7) yields the Euler equation:

Z,C7t = p(1+ Rt)Et ZinColi——|, (8)

and the labor-leisure condition:
Wt = ECt (9)

The labor-leisure equation (9) shows that consumption fluctuations are solely driven by aggregate

wage fluctuations.

4.2 Firms
The firm sector is held by risk-neutral managers that discount future profits by 5 and they have a

mass of zero, such that their consumption is 0 and all their profits go to the households, as in Bayer

et al. (forthcoming).

Final good producer. There is a representative final good producer that aggregates the

intermediate goods Y;(j) to a final good Y}, according to:

ﬁz(A3«ﬁT@>&, (10)

e—1

; dj)z — fol P,(5)Y:(j)dj, and profit

with ¢ > 1. Nominal profits are given by P, ( folyi(j)

maximization gives rise to the demand for each variety j:

v - (542) v (1)

Thus, demand for variety j is a function of its relative price, the price elasticity of demand e and

aggregate output Y;. The aggregate price level is given by:

R-(Kamkwyk. (12)
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Intermediate producers. Intermediate producer of variety j produces output Y;(j) using labor
Hy(j) as its only input:
Yi(j) = Hi(j). (13)

All intermediate producers pay the same wage W; and a sales tax (or subsidy) 7, which in steady
state is set such that profits in steady state are 0.2! These taxes are given back to firms in a lump-sum
fashion, denoted T¥'(j). Taxes are assumed to be constant in the efficient economy, i.e., absent price
rigidities, but fluctuate around their steady state in the economy with price rigidities in order to give
rise to exogenous cost-push shocks.

Each intermediate firm has two managers: one is responsible for the firm’s forecasts and the other
one sets the price of firm j given these forecasts, similar to the setup in, e.g., Adam and Padula
(2011). I first discuss the problem of the price setter and discuss the forecaster’s problem later.

When adjusting the price, the firm is subject to a Rotemberg (1982) price-adjustment friction.
Cavallo et al. (2024) and Blanco et al. (2024) argue that the frequency of price adjustments has
increased during the recent inflation surge (see also Hall (2023)). While attention and the frequency of
price adjustment are empirically both positively correlated with inflation, my results using alternative
measures of attention to inflation (such as Google Trends or the measure based on Bracha and Tang
(2025))—in which I control for inflation and time fixed effects—suggest that changes in price-setting
behavior alone cannot explain the whole inflation dynamics and that attention indeed played an
important role. In Appendix E.2, I show that a model with constant attention but state-dependent
price adjustment costs cannot account for the inflation patterns arising from changing attention
levels.

The per-period profits (in real terms) are given by:

. “1) YT G), (1)

=) (P) "% iy 4 (P9

p ) B VU =S (B0

where ¢ > 0 captures the price-adjustment cost parameter. The price setter sets the price to

maximize profits:

?

) = B4y 9 [(1 —ari) (M) 4 - arem) - 4 (51 - 1) v n )

where MC; = W, denotes the real marginal cost which is the same for every firm. Using the

production function to substitute for H;(j) and the demand for firm j’s product from the final goods

#Therefore, we have 1 — 7 = — in steady state.
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producer, the corresponding first order condition is then given by:

o ))61 (et )

(L 7l = DRG) ™ gyt =M G

t

P,

bia(y) 1) Fia()) Yt+1]
F(7) BG) RG]

+ BYE] K

Defining T; = 1 — 7, it follows that after a linearization around the zero-inflation steady state, firm
7 sets its price according to:
1

pt(‘j):@b—i—e

[9Pa () + € (mer — b+ p) + BUE]T, (15)

where small letters denote log deviations of the respective variables from their steady state values (see
Appendix D for all derivations). Therefore, prices may only differ across firms j due to differences

in forecasts E/m ,, or differences in past prices p;_1(j).

Government. The government imposes a sales tax 7; on sales of intermediate goods, issues
government bonds, and pays lump-sum taxes and transfers 7,% to households and T/ to firms. The
real government budget constraint is given by:

1+R  TH

B,=B,_,— =t 7t oy T/
t t11+7Tt+Pt TY: + 1y

The monetary authority sets the nominal interest rate according to a (linearized) Taylor rule:

iy = pite—1 + (L — pi) (@rTe + Goy) (16)

where 4; denotes the nominal interest rate in deviations from its steady state, p; captures interest-rate
smoothing, ¢, and ¢, pin down the response coefficients with respect to inflation and the output

gap, respectively. I discuss other rules for monetary policy in Section 6.

4.3 Subjective expectations under limited attention

The subjective expectations of households and firm managers are modeled in such a way that there
is a direct mapping from the empirical results of Section 2 to the model. I solve the model under
the assumption that the agents in a given regime do not foresee that their attention will change
when inflation exceeds or falls below the threshold. Even though the attention model in Section 2.1
features a second threshold (see Figure 2), I focus here on the case with only one threshold, given
that the empirical evidence in Section 2 suggests that the second threshold has not been relevant in

the post 1970s U.S. experience.
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Households. Households have to form expectations about inflation and real wages, as consumption
fluctuations are solely driven by aggregate wage fluctuations.?? Households believe that wages and
inflation both follow an AR(1):**

T = (1 - ﬁw)ﬂ + ﬁ7r7rt—1 + Vrt
Wy = (]— - ﬁw)w_’_ ﬁwwt—l + Vw,t,

where v, and v,,; are normally distributed with mean zero, and independent from each other. I
discuss the case in which households hold rational expectations about real wages later. As a baseline,
I focus on p, = p, = 1 which implies that long-run expectations align with the actual long-run
variables and I do not need to take a stance on what the long-run beliefs  and w are. I discuss the
case with p, < 1 in Appendix E.2. Agents observe the aggregate shocks 7; and Z; perfectly.

At the time the household forms her expectations about future wages and inflation, she does not
perfectly observe their current realizations, capturing that the household is not at all times perfectly
monitoring the (real) wage incomes of the members of the household and that inflation is not perfectly

observable in real time. Instead, the household only sees noisy signals of the form:

Spp =T+ Expt

Swit = Wy + Ew,ts

with normally distributed noise terms e, ,; and €,,. I assume that signals are public signals and
every agent in the economy receives the same signals. This implies that all agents have the same
information and hence, hold the same expectations. Households treat these signals as separate,
meaning that households do not infer from the signal about real wages any information about the
price level and inflation (or vice versa).**

As detailed in Appendix D, potential output, i.e., output under flexible prices, is constant and
consumption in log-deviations from steady state is equal to the output gap x; in equilibrium (and
equal to wages in deviations from steady state), ¢; = w; = x,.%° It follows that if we assume initial

§+1|t = wa't = x§+1|t for all t. This holds true, even if the

household does not know that consumption and wages are equal to the output gap in equilibrium.

€ — e — e
values Col—1 = Wo—1 = Tg_1, We have ¢

221 assume that bonds adjust residually such that the budget constraint always holds (a standard assumption in
the rational inattention literature, see, e.g., the discussion on p. 242 in Mackowiak et al. (2023)). Households do not
update their information set at the end of the period when bond holdings adjust.

23The perceived law of motion and the actual law of motion coincide in general equilibrium only in the special case
of full attention and no endogenous persistence and choosing the perceived persistencies to be equal to the persistence
of the exogenous shock.

24Thus, the relevant information set of households to form expectations consists of the history of those two signals
and they treat them separately when forming their expectations about real wages and inflation. An alternative is that
agents have rational expectations about the wage and they solely obtain signals about inflation. Again, households do
not use information about other variables to infer anything about inflation or the price level. I show in Appendix E.2
that the results are very similar in that case.

25Note that the price adjustment costs do neither affect the steady state nor the linearized resource constraint when
linearized around the zero-inflation steady state, such that y; = ¢;.
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Expectations about the output gap, x;, then evolve as follows:

Tijap = Tyo1 + Vo (xt - xatfl) ) (17)

e
where x§ o

denotes attention to the output gap, based on the agent’s subjective model of how the output gap

denotes the agent’s expectations of the one-period-ahead output gap. The parameter ,

evolves. A higher ~, denotes a higher attention level. If v, = 0, the agent is completely inattentive

and just sticks to her prior belief Tip—1s whereas v, = 1 captures the case of full attention in which

e
L1t

the output gap follows a random walk. As I discuss in more detail in the calibration section later on,

case the agent believes x = x4, which is the full-information belief of someone who believes that
I do not find any differences in attention to unemployment changes (which I use as a proxy for the
output gap) in the data. I therefore impose that 7, does not change across regimes in the baseline
case. | discuss the cases with regime-dependent 7, and with rational output gap expectations later.

Inflation expectations follow the law of motion derived in equation (3) for g, = 1, so that they
are given by:

€ _ e _
7Tt|t—1 + fYﬂ',L <7Tt Trt‘t—l) y When Tt—1 < T

(18)

€ p—
Tep1t = . . i
Tie—1 + Va,H (m - 7Tt|t_1> , when m;_1 > 7,

where 7, captures the optimal level of attention to inflation in regime r € {L, H}.*°

Firm managers. Since there are no idiosyncratic shocks, I assume that the forecasting manager of
firm j uses expectations about aggregate inflation to form her expectations about firm j’s future price
change, i.e., Etj 7rg = Eg 711, and that they form expectations about inflation in the same way as
households. Consistent with these assumptions, Yotzov et al. (2024) show that firms’ expected own-
price growth is strongly positively correlated with changes in CPI inflation, and McClure et al. (2025)
show that managers and non-managers hold similar average inflation and unemployment expectations
and respond similarly to information treatments.?” As for households, all forecasters receive the same
public signal about current inflation, from which it follows that EZ Wf = Et’ T = Etﬂ’t+1 =y e
Assuming that firms all start out with the same initial price, i.e., p_1(j) = p_ for all j € [0, 1], it
follows that all firms set the same price (as they do under rational expectations). Thus, firm-specific
inflation is indeed equal to aggregate inflation, which confirms the forecaster’s belief that the two are

equal, and hence, the forecaster has no reason to deviate from these beliefs.

26Without loss of generality, I do not explicitly model noise shocks. Accounting for noise shocks would introduce
an additional exogenous shock, but does not affect my analysis of how supply and demand shocks are transmitted.

2TMcClure et al. (2025) further show that managers’ expectations indeed affect their economic decisions. Relatedly,
Link et al. (2025) elicit firm managers’ attention to economic topics and they show that firm managers that pay more
attention to inflation update their inflation expectations more strongly (consistent with my measure of attention)
and they increase their prices more or plan to increase their prices more in times of high inflation compared to firm
managers that do not pay attention to inflation.
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Given these assumptions, equation (15) can be written as:

T, = i (mee — t) + B,y (19)

From the labor-leisure equation and the production function, we have mc; = y;, and since potential

€

output is constant we have y; = x;. Defining cost-push shocks as u; = —itt and k = oo we arrive at

the linearized New Keynesian Phillips Curve:

Ty = ﬁ’ﬂ'erHt + KTy + Uy. (20)

4.4 Equilibrium

The equilibrium is a restricted perceptions equilibrium (Sargent, 1991; Branch, 2006): private agents’
perceived law of motion for inflation and real wages is an AR(1) process which differs from the actual
law of motion of these variables.”® The model can be summarized by three equilibrium equations

when expressed in log-deviations from the zero-inflation steady state (see Appendix D):

T = By + KTy + Uy, (21)
Ty = x§+1|t - (it - 7Tt€+1|t - 7“:) ) (22)
it = pii—1 + (1 = pi) (@x7e + o) (23)

as well as the two laws of motion for output gap expectations and inflation expectations, equations
(17) and (18). Equations (21)-(23) are identical to the 3-equation representation of the standard
New Keynesian model (see Gali (2015)) except for the expectations formation of agents.

Equation (21) is the New Keynesian Phillips curve, representing the supply side of the economy,
and equation (22) denotes the aggregate Euler (or IS) equation, which together with monetary policy
(equation (23)) pins down aggregate demand. The natural interest rate 7} is the real rate that prevails
in the economy with fully flexible prices, and solely depends on the exogenous shocks Z;. It follows
an AR(1) process with persistence p, € [0, 1] and innovations " ~ i.i.N.(0, 02), independent of .
I will refer to shocks to r; as demand shocks. The nominal interest rate ¢, and the natural rate are
both expressed in absolute deviations of their respective steady state values, ¢ and r*, with ¢ = r*,

as the model is linearized around the zero-inflation steady state.

4.5 Calibration

Most of the calibration is standard. I set the discount factor [ to target a steady state natural rate

of 1% (annualized), and the slope of the Phillips curve x to 0.057. The Taylor rule coefficients are

28In the special case of full attention, the restricted perceptions equilibrium (RPE) may coincide with the rational
expectations equilibrium if p; = 0 and the perceived persistence of real wages and inflation coincide with the exogenous
persistence of the shocks. In this case, the RPE is equivalent to a consistent expectations equilibrium (Hommes and
Sorger, 1998). See Moll (2024) for a recent overview of these different equilibrium concepts and how they relate to
each other.
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set to p; = 0.7, ¢ = 2 and ¢, = 0.125.%

I assume that both shocks follow an AR(1) process with persistence 0.8, and I set o, = 0, = 0.3%.
I set v, = 0.18, v, g = 0.35, and the threshold to @ = 3.91% (annualized), as estimated in Section
9 30

To calibrate the attention parameter with respect to the output gap ., I follow the same procedure
as for inflation but focus on expectations about unemployment changes (see Appendix D.1). This
results in v, = 0.25 for both regimes, and hence, I impose that v, does not change across regimes
and set it to v, = 0.25.

As a sanity check of the proposed empirical approach to estimate the attention threshold and
the degrees of attention in a setup in which inflation and inflation expectations are determined
jointly and different types of shocks are hitting the economy, I estimate the threshold regression
(4) on model-simulated data and find that the regression results are exactly equal to the calibrated

parameters.

5 Inflation Surges

In this section, I show how the model with two inflation-attention regimes can jointly generate
persistent heightened inflation periods, a long last mile of disinflation, forecast error dynamics
mirroring the ones recently observed in the United States, and lead to an asymmetry in the
dynamics of inflation. In Appendix E.1, I show how the model can be represented in a standard
AS-AD framework in which crossing the attention threshold leads to a steepening of both the AS
and the AD curve. Thus, the attention threshold gives rise to a dynamic non-linearity.
Additionally, the heightened attention amplifies the inflationary effects of shocks. In Appendix E.1,

I also provide empirical evidence for the changes in the slopes of the AS and AD curve.

5.1 Crossing the attention threshold

Figure 6 shows the inflation dynamics following a cost-push shock that pushes inflation in the first
period above the attention threshold 7 with a persistence of 0.8 (the red-dashed line shows the
inflation response, and the black-dotted line the attention threshold), as well as following a shock
that does not push inflation above the threshold (blue-dashed-dotted line).

The two cases exhibit fundamentally different inflation dynamics. When attention remains low,

which happens in response to the relatively small shock, inflation peaks on impact and then gradually

29The model is determinate under this specification for the monetary policy rule. Numerically, I find that the model
does not satisfy the Blanchard-Kahn conditions any longer when attention reaches a level of 0.82 (while keeping the
remaining parameters fixed). When considering the calibration used to produce Figure 2, I find that this level of
attention is reached at an inflation rate of 80%, indicating that the economy may become indeterminate at such a high
level of inflation.

30Tnstead of directly calibrating the threshold, I could instead calibrate the different cost parameters, as outlined in
Appendix A. As these cost parameters only matter for the threshold, however, I take the more direct route by directly
calibrating the threshold to the empirically-estimated one.
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returns to its initial value of zero. After the larger shock, however, inflation keeps on increasing for
about five periods before it peaks and then starts to decrease thereafter. While this decrease happens
relatively fast at first, it slows down once inflation falls back below the attention threshold, and thus,
inflation remains elevated quite persistently. These self-reinforcing dynamics in the first few periods
would not be present in the case of deflationary shocks because attention to inflation stays constant
in that scenario. Therefore, the model with the attention threshold offers a simultaneous explanation
for the recent inflation surge as well as the 'missing deflation puzzle’ in the aftermath of the Great
Financial Crisis (see, e.g., Coibion and Gorodnichenko (2015b)). Additionally, the different inflation
dynamics also mirror the ones discussed in Figure 5, namely that inflation peaks on impact when

attention is low whereas it is hump shaped in times of high attention.*!

Figure 6: Inflation dynamics
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Notes: The blue-dashed-dotted line shows the (annualized) inflation response to a cost-push shock that does not push
inflation above the attention threshold, and the red-dashed line shows the inflation dynamics for a cost-push shock
that is large enough to push inflation above the threshold.

To understand how inflation surges may arise in the model with the attention threshold, both
regime switches that take place are key. The first regime switch occurs because the shock impulse is
large enough to push inflation above the attention threshold. Thus, in the second period, agents are
more attentive to inflation and hence, increase their inflation expectations more strongly in response
to the forecast errors they make. For a given nominal rate, households now perceive the real rate to
be lower and thus, increase their consumption in response. The attention regime change also matters
for the supply side. Firms increase their inflation expectations more strongly which leads them to
increase their prices more strongly. On top of that, the equilibrium inflation response to the cost-push
shock in a given state of the economy is higher in the high-attention regime. Hence, inflation keeps
on increasing, further fueling higher inflation expectations, leading to additional inflation increases.

As the shock slowly dies out, inflation eventually starts to decline. This initial period of disinflation
happens relatively quickly. The reason is that once inflation actually starts to come down, households

and firm managers are still highly attentive and hence, revise their expectations downwards strongly.

31Figure 31 shows the response of inflation when the shock hits in times of high-attention and illustrates that the
inflation response is indeed hump shaped in that case.
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Thus, actual inflation falls relatively quickly.

However, once inflation falls back below the threshold 7—and the second regime switch
occurs—the speed of disinflation decreases. When the economy enters the low-attention regime,
agents decrease their attention to inflation. Thus, they mainly stick to their prior beliefs and only
slowly update their expectations. Their priors are now relatively high because of the high inflation
period that agents just lived through, and therefore, their inflation expectations remain persistently

high which hinders actual inflation from decreasing quickly.*?

Figure 7: Inflation and inflation expectations dynamics
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Notes: The upper panel shows the dynamics of inflation and inflation expectations after a cost-push shock that pushes
inflation above the attention threshold. The lower panel plots quarter-on-quarter (annualized) CPI inflation and
average inflation expectations for the period 2021Q1-2024Q]1, as well as the estimated attention threshold at 3.91%. In
both panels, the inflation expectations are shifted such that the vertical distance between the two shows the respective
forecast errors.

To clearly see the interplay of inflation and inflation expectations, the upper panel in Figure 7

plots expected and actual inflation, jointly. Inflation expectations are shifted such that the vertical

32Lebow and Peneva (2024) also show that the perceptions of inflation among households came down more slowly
than actual inflation.
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distance between the two lines captures the forecast errors. Initially, expected inflation does not
quite catch up with actual inflation, leading to positive forecast errors. After some time—around
8 quarters after the shock—when inflation is already decreasing, expected inflation surpasses actual
inflation. Hence, forecast errors become negative.

The recent inflationary period provides a salient example of these patterns, as documented in
panel (b) in Figure 1 in the Introduction. The lower panel in Figure 7 shows the same time series
but for quarter-on-quarter inflation to make them consistent with the model (Figure 26 in Appendix
C shows these patterns in the data conditional on an oil supply news shock).*> The figure shows
annualized quarter-on-quarter CPI inflation (red-dashed line) and average inflation expectations from
the Michigan Survey (blue-dashed-dotted line) and from the Survey of Firms’ Inflation Expectations
(black-solid line) for the period from 2021Q1 until 2024Q1. Consistent with the model, inflation
peaks about a year and a half after exceeding the threshold. During this inflation surge, inflation
expectations lagged actual inflation. As inflation peaked and began to decline, however, inflation
expectations started to surpass actual inflation after about two years after inflation exceeded the
attention threshold. Consistent with the model, inflation peaks at a higher value than inflation
expectations. The recent inflation surge is just one example of a high-attention period. The model’s
dynamics are also consistent with the empirical findings in Blanco et al. (2025) who document, for
a number of countries and different periods of inflation surges, that (i) inflation stays persistently
high after the initial surge and (ii) that short-run inflation expectations initially fall short of actual
inflation.

That inflation expectations stay persistently high may lead to a prolonged period of inflation
stubbornly above the central bank’s target even though the initial disinflationary phase happens
relatively quickly. Put differently, once attention to inflation decreases again, the higher prior
expectations after the inflation surge may render the ‘last mile’ of inflation back to target more
arduous. In Appendix E.2, I show that the attention decrease can explain a substantial fraction of
the long last mile of disinflation observed in the U.S. after the recent inflation surge.

Stubbornly high inflation and inflation expectations also give rise to a heightened risk of another
subsequent inflation surge. The higher inflation expectations keep actual inflation higher for longer,
and therefore, closer to the attention threshold. Thus, a subsequent inflationary shock is more likely
to push inflation back above the threshold and, therefore, lead to another episode of persistently
high inflation. Hence, endogenous changes in the private sector’s attention to inflation may partially
account for some of the empirically-documented time variation in trend inflation (see, e.g., Stock and
Watson (2016)).

In Appendix E.2, I show that these inflation dynamics are unique to the model with the attention
threshold. In particular, the models under full-information rational expectations (FIRE) or in which
attention remains low predict that inflation peaks on impact and then comes down relatively quickly.

Additionally, models with FIRE could not account for the observed dynamics of forecast errors

33 Angeletos et al. (2020b) show that this initial undershooting followed by a delayed overshooting of expectations
is a general pattern in response to shocks in the data.
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(among other failures of this model in accounting for the recent inflation dynamics). A model variant
in which attention to inflation is always high, on the other hand, can produce the initial hump-
shaped response but then predicts a fast decline back to target, i.e., this model would not explain
why we see such a long last mile of disinflation. Furthermore, a model in which attention is always
high would have predicted a very pronounced deflationary period after the Great Financial Crisis.
Thus, accounting for the observed attention changes is necessary to rationalize the recent inflationary
episode.

In Appendix E.2, I further discuss (i) the inflation dynamics following a demand shock (Figure 32),
(ii) what the model predicts when attention to the output gap decreases in times of high attention to
inflation (Figure 33), and (iii) how the inflation dynamics look like when consumption expectations
are formed under FIRE. In cases (i) and (ii), the inflation surge is somewhat more persistent but
otherwise very similar to the baseline case of the discussed cost-push shock with constant attention
to the output gap, whereas in (iii) the model produces slightly less endogenous persistence. I also
consider the possibility that attention stays elevated for some time after an inflation surge and show

that my results are largely unaffected when doing so.

5.2 Asymmetry

The attention threshold induces an asymmetry in the dynamics of inflation. When inflation exceeds
the threshold, attention increases, leading to a period of persistently high inflation. If, however,
inflation is particularly low, attention remains unchanged. For example, when a shock pushes inflation
from 0% to -4%, attention does not change. Therefore, we would not see long-lived periods of
pronounced deflation after such a shock, consistent with the fact that the U.S. economy did not
experience any long lasting deflationary periods since the second World War. These asymmetries
matter for the overall properties of inflation. In particular, ignoring the attention threshold results
in underpredicting the risk of persistently high inflation rates.

Figure 8 plots the distribution of inflation for the model with the attention threshold (blue-solid
line) and for the limited-attention model without the threshold (red-dashed line). These figures are
obtained by simulating the model for 10,000 periods by hitting it with random normally-distributed
cost-push and demand shocks.

The model with the attention threshold has a substantially thicker right tail than the one
without the attention threshold, as is the case empirically. The probability that inflation exceeds
8% (annualized) is about 7.9% in the model with the threshold, and thus very close to its empirical
counterpart of 7.3% whereas the model without the threshold predicts inflation to exceed 8% only
2.2% of the time. When it comes to periods of deflation, the two models exhibit very similar
properties. For example, both models predict inflation to fall below -8% in only 2-3% of the

periods, compared to 0.6% empirically, and the median in both models is very close to 0.** Thus,

34The mean is above 0 in the model with the threshold, whereas it is practically 0 in the model without the
threshold. I discuss this in more detail in Section 6 where I derive the normative implications of these results.
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Figure 8: The attention threshold and inflation asymmetry
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Notes: This figure shows the distribution of inflation (annualized) for the model with the attention threshold (solid-
blue line) and the one without the attention threshold (dashed-red line).

inflation in the model without the attention threshold is symmetric around its steady state value of
0, whereas it features a substantially higher risk of periods of high inflation in the model with the

threshold. Inflation is also more volatile when attention to inflation is higher.

6 Monetary Policy Implications

I now characterize the normative implications of the inflation attention threshold and the
corresponding changes in attention. To compare different policy rules, I define the central bank’s

loss function as:

1 o0
§E0 Z B 77+ Ya7], (24)
=0

where T is the relative weight of the output gap, which I set to T = 0.007 as in Adam and Billi
(2006). The policymaker wants to minimize (24) subject to the private sector’s optimality conditions,
characterized by equations (21) and (22). But I assume that the planner wrongly believes that the
private sector holds rational expectations. The problem from the policymaker’s perspective is then

identical to the one in Clarida et al. (1999) who show that the optimal policy is given by:
T+ = (zy —1-1) =0

if the policymaker can fully commit to its policy. If the policymaker cannot commit, the optimal

policy rule under discretion is given by:

7rt+%xt20.
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In the following, I compare the implications of these two policy rules to the Taylor rule (23) as
well as to a Taylor rule without interest rate smoothing and no response to the output gap, i.e., to
(23) where p; = ¢, = 0, as well as to a strict-inflation targeting regime in which inflation is kept at

zero at all times. Table 3 summarizes these different policy rules.

Table 3: Monetary policy rules

Nr. Name Equation

(1) Taylor rule with smoothing iy = piti—1 + (1 — p;) (Onmy + Guty)
(2) Taylor rule without smoothing i, = ¢, m

(3) Optimal RE commitment policy 7 + X (2, — 24-1) =0

(4) Optimal RE discretionary policy m; + %ast =0

(5) Strict inflation targeting =0

I then simulate the economy for 10,000 periods for each of the different policy rules. Panel (a)
in Figure 9 plots the central bank’s losses (24) for the model with the attention threshold (blue-
solid line), with limited attention but absent the attention threshold (red-dashed line) and the model
under FIRE (black-dashed-dotted line) for the 5 different policy rules. Panel (b) shows the respective
inflation volatilities, panel (c¢) the average level of inflation, and panel (d) the frequency of how often
inflation is above the threshold of 3.91%.

There are two main takeaways from Figure 9. First, following simple Taylor rules (policy rules
(1) and (2)) leads to substantially larger central bank losses compared to optimal policy rules or a
strict inflation targeting rule in the model with the attention threshold, especially for the case with
interest-rate smoothing.® The reason is that the economy spends a substantial amount of time in
the high-attention regime in which inflation is high and volatile (see panel (d) in Figure 9). Due to
the asymmetry of the attention threshold the average level of inflation is higher when the economy
is in the high-attention regime frequently (panel (c)). This is in stark contrast to the model without
the threshold or the one with fully-informed rational agents, where inflation fluctuates symmetrically
around zero. Interest rate smoothing introduces additional persistence, such that the periods in
the high-attention regime last longer and thus, the average level of inflation as well as its volatility
increase.

The second main takeaway is that these losses can be mitigated when monetary policy follows one
of the rules (3)-(5). In these cases, inflation is relatively stable and fluctuates almost symmetrically
around 0, as the economy very rarely stays in the high-attention regime. In the case of the strict-
inflation targeting regime (5) the inflation volatility is exactly 0. However, in that case, the output
gap is more volatile (not shown) such that the overall losses are very similar to the ones under the

other policy rules from (3) and (4).

35Gati (2023) shows that in her model with varying degrees of long-run-expectations anchoring, losses of Taylor
rules with a low inflation-response coefficient may go to infinity, as in this case the model becomes unstable and
inflation (and the output gap and interest rates) becomes explosive. Similarly, Benchimol and Bounader (2023) find
that under inattention to prices, central bank losses under Taylor rules are higher than with other policy rules.
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Figure 9: Implications of different monetary policy rules
(a) Central bank loss
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Notes: This figure shows the central bank loss (using equation (24) and shown in panel (a)), inflation volatility (panel
(b)), average inflation (panel (c)), and the frequency of being in the high-attention regime (panel (d)) for the five
different monetary policy rules from Table 3.

Overall, Figure 9 illustrates that following simple Taylor rules, especially ones with interest-rate
smoothing and relatively low inflation-response coefficients, can lead to large central bank losses when
the public’s attention to inflation increases during times of high inflation. Policies that are more
hawkish and induce much smaller inflation fluctuations, in contrast, can mitigate the potentially
detrimental effects of sudden increases in attention much more effectively, or even prevent these

episodes from happening completely.

7 Conclusion

The recent inflation surge brought inflation back on people’s minds. In this paper, I quantify the
inflation attention threshold after which people start to pay more attention to inflation. I estimate
this attention threshold to be at an inflation rate of about 4% and that attention doubles from the
low-attention regime to the high-attention regime. Supply shocks become twice as inflationary in the
high-attention regime.

A New Keynesian model that accounts for the inflation attention threshold can replicate the
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empirical findings and produces inflation and inflation expectations dynamics that are consistent with
the ones documented empirically and recently observed in the U.S. As inflation exceeds the threshold,
the increase in people’s attention leads to an endogenous amplification of the initial inflation surge.
After inflation peaks, inflation comes back down relatively quickly initially, but once attention to
inflation decreases again, the higher prior expectations after the inflation surge may render the ‘last
mile” of inflation back to target more arduous. Accounting for varying attention levels also matters
for the model’s normative predictions. I show that following simple Taylor rules leads to substantially
larger central bank losses compared to more hawkish rules.

The state-dependent attention mechanism studied here may interact with other forms of state
dependence, such as in the frequency of price adjustment, changing supply chain networks, or the
conduct of monetary policy, and exploring these interactions presents a promising avenue for future
work. Similarly, characterizing the fully optimal monetary policy when people’s attention to inflation
is subject to sudden changes, and studying how the conduct of monetary policy feeds back into

people’s attention is a fruitful direction for future research.
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Online Appendix

A Appendix to Section 2.1

A.1 Details and microfoundations

In Section 2.1, I show how attention may jump when inflation crosses a certain threshold. In this
Section, I provide the mathematical details necessary to arrive at these results. The model builds on
Pfauti (2025).%° The key novelties are, first, that agents get a certain level of attention for free, which
I denote 7, 1, where L denotes that this is a relatively Low level of attention. As discussed in Section
2.1, attention v, is negatively related to afr‘s /o2, where 02 denotes the agent’s prior uncertainty about
inflation 7, and ‘772r|s the posterior uncertainty given the signal s. Second, if the agent wants to increase
her attention to inflation above 7, 1, she has two options to do so. First, the agent can choose to pay
a fixed cost A in which case she can increase her attention to a fixed and known level of attention,
Vr.i, Where the subscript H indicates that this is a Higher level of attention than the one the agent
gets for free. The second option to increase attention above the free level is by paying a standard
mutual information cognitive cost and adjusting her attention to inflation smoothly. Conceptually,
the fixed cost captures a lumpy one-off action, such as googling “inflation” to obtain the headline
result, which delivers a discrete jump in attention to the predetermined level v, . In contrast, the
mutual-information cost captures the continuous cognitive effort of processing many small bits of
information, such as noticing and processing individual price changes while grocery shopping, which
may lead to a smooth increase in attention. When paying the mutual information cost, the agent
does not need to pay the fixed cost.

The agent believes that inflation in the next period, 7/, depends on inflation today, 7, as follows:*"
T = PxT + 1,

where v ~ .i.N.(0,02), and p, € [0,1] denotes the perceived persistence of inflation. Given this
perceived law of motion, the full-information forecast 7¢* is 7¢* = p, 7. But because 7 is not perfectly
observable, the actual forecast will deviate from this full-information forecast. These deviations are
costly and the agent can pay more attention in order to reduce these deviations. Thus, the agent’s
choice is not only about how to form her expectations given certain information, but about how to

choose and process this information optimally, while taking into account how this will later affect

36The method proposed in Pfiuti (2025) builds on Mackowiak et al. (2023) and Vellekoop and Wiederholt (2019),
see also Weber et al. (2025) for a similar model but with the goal of explaining their RCT findings.

37 Agents’ subjective model (or their perceived law of motion) does not necessarily need to be consistent with the
actual law of motion (see Andre et al. (2022) and Macaulay (2022) for empirical evidence that the subjective models
agents hold may not necessarily be consistent with the actual behavior of the economy or with experts’ subjective
models). Empirically, AR(1) models for inflation tend to perform quite well (see, e.g., Canova (2007) or Faust and
Wright (2013)). Fulton and Hubrich (2021) show that AR(1) models are especially hard to beat in forecasting inflation
in real time.
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her forecast. That is, she chooses the form of the signal s she receives about current inflation. But
processing information is costly, and hence, it cannot be optimal to acquire different signals that lead
to identical forecasts. Due to this one-to-one relation of signal and forecast, I will directly let the
agent choose the joint distribution of 7¢ and 7, denoted f (7€, ), instead of working with the signal.
I use g(m) to denote the agent’s prior, which is assumed to be Gaussian; m ~ N (77" ¢2). To link
the agent’s attention choice to the level of inflation, I assume that the agent’s prior uncertainty, o2,
increases smoothly (strictly monotonically) with the level of inflation. The agent knows her own
subjective prior uncertainty o2, but she cannot back out the inflation rate m from observing o2

Let U(7¢, m) denote the negative of the utility loss that is incurred when the agent’s forecast
deviates from the forecast under full information. The agent receives a minimum amount of
attention for free, resulting in a fixed ratio of posterior uncertainty to prior uncertainty 072r|57 /o2
The agent can reduce her posterior uncertainty further—put differently, the agent can decide to pay
costly attention to inflation—in two possible ways. Either by paying the mutual information cost
C(f(m¢,m)) and choosing the posterior uncertainty 072T|S € [07‘77243,L] optimally. The standard
assumption in the literature (see, e.g., Mackowiak et al. (2023)) is that C(f(n®, 7)) is linear in

mutual information I(m;7¢), i.e., the expected reduction in entropy of m due to knowledge of 7°:
I(m; 7€) = (H(w) — E[H(x|7)])

where H(mw) = — [ g(m)log(g(m))dr is the entropy of m, and H(w|r®) is the conditional entropy.
Given that the agent gets attentlon 7.1 for free, the agent only pays the cost when paying additional

attention: .

C(f(xtm) = 5

where [ f,.ee denotes the cost the agent would have to pay to achieve the free level of attention

[L(m;7) = Lpreel

Ve, and + 3 denotes the parameter that governs the cost of information. Alternatively, the agent
can pay the fixed cost A in which case she reduces her posterior uncertainty to a fixed ratio of

02 /07 < 03, /02" Taken together, the agent’s problem can be written as follows:
r(nzelx /U ¢, ) f(n¢, m)drdr® — C(f (7%, 7)) - Ve > Yo AV # Yoy — N 1{Ve = Vo }

subject to /f(ﬂ'e,ﬂ')dﬂ'e = g(m), for all w

The indicator functions 1{-} capture the alternative attention strategies. If 1{y, > vr 1 A 7z #
Vet = Hvx = o} = 0, the agent does not pay any costly attention to inflation. If 1{y, =
Yr.u} = 1, she pays the fixed cost, and if 1{yx > 7,1 A ¥x # 7ru} = 1, she pays the mutual

38The fixed cost could also be interpreted through the lens of the System 1/System 2 framework (Kahneman,
2011). In the low-attention regime, agents operate in the fast, heuristic System 1 mode. The fixed cost A could then
be interpreted as capturing the cognitive cost of switching to the more deliberate System 2 mode—a switch that agents
only make when the perceived stakes are high enough. This interpretation is consistent with the experimental evidence
discussed in Kahneman (2011) that System 2 engagement is triggered by perceived importance.
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information cost. I assume that if the agent decides to pay the mutual information cost, she does not
have to pay the fixed cost. This assumption also implies that the agent’s optimal attention choice
when paying the mutual information cost can be higher or lower than 7, . I discuss the case in
which the agent always has to pay the fixed cost below. Throughout my analysis, I assume that it
is cheaper for the agent to obtain an attention level of . g by paying the fixed cost rather than the
mutual information cost. Otherwise, the fixed cost would be obsolete.

The objective function U(.) is assumed to be quadratic:
Uln®,m) = =x (pam —7)°,

where y measures the stakes of making a mistake.

The signals the agent obtains are Gaussian:*

S=Tm+¢,

2

2 is chosen optimally and reflects the agent’s

with noise ¢ ~ 4...N.(0,02). The noise variance o
attention.
Given the Gaussian prior and signal, the optimal forecast is given by 7¢ = p. E [r|s], where E[r|s]

is the conditional expectation, and Bayesian updating implies:

T = pr (1 - 7#) TP Pr VxS, (25>

2 .
where v, =1 — U;# € [0, 1] measures the agent’s attention to inflation, and 77" denotes the prior

™

mean of 7.

With Gaussian signals, the cost function C(f(7¢, 7)) can be expressed as:

1[1 o 1 o2 1 o2t
Ima®) — Ined = = |=log | 2= ) = Zlog [ -2 || = =1 L) (26
) = el =5 [2 > <03> 2 (“is,)] 22 ° ( o)s 20)

For this interior solution, we can express the attention choice problem in terms of ~, as follows:

C(f(n%,m) =

> =

2

for Ors

2
< O-ﬂ"s,L'

1 1—7,
max {—xﬁia ot = Liog (—7)] , (27)

YV €, L A2 # Y 1 1=

0.2
where I used v, = 1 — —Z* in the expression for C'(f(n¢, 7)) in equation (26) and in U(x¢, 7).

39In a setup with a quadratic objective function, Gaussian prior and a linear mutual information cost, Gaussian
signals are the optimal and unique solution (Matéjka and McKay (2015) and Mackowiak et al. (2023)). This also
applies to the interior solution in my case, i.e., the case with 1{vx > v .&Yr # V=, u} = 1. At the corner solution,
where attention is equal to the free level of attention 7, r or equal to v, m, any signal family that yields the required
posterior variance is optimal; thus Gaussian signals are still optimal but not uniquely so at that point. To keep the
model tractable, I assume that the signals in these cases are Gaussian, too.
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Let vMI denote the solution to the problem in equation (27), featuring the Mutual Information

cost. The following Proposition characterizes the optimal attention choice.

Proposition 1 The optimal attention choice 7y} is determined as follows:

Yers if A> BAA>C
Ve =1 Yo, fB>ANB>C

MI ~
v. ', otherwise,

where )
MI
_1_ 28

is the solution to problem (27), and

A= _Xﬁfr(l - ’YW,L)O-?r

B = —xpa(1 = yrm)os — A

~ 1 I =91
_ 2 MIy 2 ™,
C= _Xpw(l Vr )JW - ﬁlog (1_—77]\/[) )

capture the benefits (minus the attention costs) of the respective attention choices.

Proposition 1 determines the optimal attention choice 7. To see how the level of inflation affects

the agent’s optimal attention choice, recall that a higher inflation rate increases the agent’s prior
2

uncertainty oZ. Since vy g > 7Y, we can immediately see that A decreases more strongly with
inflation than B because (1 — 7,1) > (1 — v ). Hence, there is an inflation threshold 7 at which
attention jumps from 7, 1, to v, s, unless C > B at YM! € (v, 1,7V,.z). The sufficient condition for

the threshold to emerge is:

X202 (Yo —12") > A - % log (1:—%) : (29)
for Y1 € (4., 7.m), which says that increasing one’s attention to inflation by paying the fixed
cost A is relatively cheap compared to paying the mutual information cost. As I will show later, the
data favors the threshold-like behavior, indicating that condition (29) holds in the data. Hence, I
calibrate the parameters such that the condition holds. If the agent would always have to pay the
fixed cost when increasing her attention above v 1, i.e., also when paying the mutual information
cost, the threshold-like behavior would always emerge. To see this, note that the sufficient condition

in this case would be given by:

~ 1 L —ymr
2 2 MI U
XPrOx (’YW,H —Vr ) > _2)\ log (1 — ,yjrw]) : (30)

46



Because the right-hand side of equation (30) is negative, this condition can only be violated if

2

= is a smooth function of 7, there has to be an inflation level at which

AMI >~ u. But because o
attention jumps discretely from 7y, 1, to v, z, before it may increase to yM! at a higher inflation level.

If condition (29) holds, we can solve analytically for the threshold 7, at which attention jumps
from v 1, to vr m, by setting A = B. Solving for the implied prior uncertainty, we obtain the following

implicit expression for the threshold:

T=ht ( A ~2> : (31)
(Ve — VL) XP2

where h(m) = 02(m) denotes prior uncertainty as a function of inflation and h~! <m> its
™ T ™
inverse evaluated at m. Because the agent cannot invert o2 to recover m, she does not

know the exact inflation rate at which the attention jump occurs; the threshold is defined in her

information set only in terms of the observable prior uncertainty (observable for the agent), not in
terms of the unobserved 7."° The expression (31) shows that the threshold is higher when the fixed
cost A is higher, as in this case, increasing attention to 7, y is costlier. Thus, the benefit of paying
the fixed cost has to be higher, which is the case at a higher inflation rate. The threshold is lower
when the increase in attention, (V. g — Yx.r), is larger, when the stakes x are higher, or when the
perceived persistence p, is higher.

Figure 10 shows 7 graphically as a function of 7, for the case in which prior uncertainty is a linear

function of inflation, 02 = g2 + a - 7.*' The Figure illustrates how agents optimally allocate their

2 =
attention to inflation. At relatively low levels of inflation, agents do not pay more attention than
what they obtain for free. The reason is that their prior uncertainty is low in these times and hence,
the benefit of increasing their attention is less than the costs of doing so. Once inflation exceeds a
threshold, here at 7 = 3.91%, the agent pays the fixed cost A and her attention jumps to v g. As
equation (31) shows, the threshold is endogenous and depends on the underlying parameters, and
the functional form assumption of o2. Attention then stays constant at 7, g even at higher levels of
inflation. Up until a second threshold at which attention jumps once more from where on it increases
smoothly with inflation. This second jump mirrors the agent’s decision to pay the mutual information
cost instead of the fixed cost. The reason is that with the fixed cost, the agent’s attention is stuck at
- and hence, the agent’s losses from not being fully attentive increase as inflation increases. Once
these losses are large enough, the agent decides to pay the mutual information cost which allows her
to increase attention even further. Where exactly this threshold lies and to what attention level the
agent jumps depends on all of the underlying parameters. My empirical results suggest, however,

that this last part has not been relevant in the U.S. since the beginning of my sample. Nevertheless,

4ONote that 7 is unobservable for the agent, but it is observable for the econometrician. In contrast, the agent
observes her prior uncertainty but it is unobservable for the econometrician.

4T set 02 = 3, and a = 0.74. The rest of the parameters are set as follows: v, = 0.18, v,z = 0.35, x = 1,
p=1, A=0.04 and A = 1. This results in a threshold 7 = 3.91% at which attention jumps from v , to v g. These
parameters are chosen to be consistent with the empirical results obtained later.
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it illustrates that attention may increase even further if inflation reaches these very high levels.

Figure 10: Optimal attention
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Notes: This figure illustrates Proposition 1 graphically, i.e., the figure shows optimal attention to inflation, v}, as a
function of the level of inflation .

The following Appendix A.2 provides an alternative microfoundation in which the fixed cost is a
function of inflation and in which the agent needs to pay the fixed cost and the mutual information
cost in order to increase her level of attention above the free level of attention. A similar pattern as

in Figure 10 emerges.

A.2 An alternative microfoundation

In this section, I provide an alternative microfoundation giving rise to a threshold of attention. Many
of the features of this model are the same as the one presented in the previous Section. I will therefore
focus on the main differences solely and refer the reader to the previous Section for more details.

As in Section A.1, agents get a certain level of attention for free, which I denote v, ;. In addition
to the standard mutual information cognitive cost the agent has to pay a fixed cost A if she decides
to pay more attention than 7, ;. The fixed cost depends negatively on the level of inflation, and I
assume that A(7) is strictly decreasing in m. The agent only observes the cost A(m) but she cannot
infer 7 from it, that is, she does not know how 7 maps into A(x). A key difference from the model in
Section A.1 is that paying the fixed cost itself does not increase the agent’s attention (or, equivalently,
her obtained signal’s precision). A possible interpretation of this fixed cost is that the agent first
needs to find out what the reliable information sources regarding inflation are before processing the
information and doing so becomes easier when inflation is higher. I assume that all parameters except
A(7) (including prior uncertainty) are constant and hence, do not depend on inflation.

The agent’s perceived law of motion of inflation, and the loss function U(7¢, 7), are the same as

in Section A.1. Let C(f(m® 7)) denote the cost of information function. Then, the agent’s problem
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is given by:

pax [ UG myp(a, midrdn = O, m) = M) 1 > )

subject to /f(’/Te,W)dﬂ'e = g(m), for all 7,

where g(m) is the agent’s prior, which is assumed to be Gaussian; 7 ~ N (777" ¢2) and o2 denotes
prior uncertainty. The cost function is the same as in Section A.1. The signals the agent obtains are
again Gaussian.*?

Following the same steps as in Section A.1, we can express the attention problem in terms of v,:

v 1 - %L)
2 2 ,
o 1= )on — oy lo A7) - 1{Yx > Vn ) 32
Y €[V, L,1] Xpﬂ—( b ) T 2\ g ( 1-— Y ( ) {’7 7 ’L} ( )

ag

2
=2, Solving the problem in (32) and defining auxiliary variables A and B:

where [ used v, =1 —

= —xp2(1 — Yr,L)02

i 1 1~
B =—xpz(1 —vx)os — oxlog (1_—77L) — A(m).

yields the following Proposition that is akin to Proposition 1, characterizing the optimal level of

attention.

Proposition 2 The optimal attention choice 7% is given by:

% ’yﬂ,Lv ZfA Z B
Tr = L (33)
— Zel if A< B.

Proposition 2 pins down the optimal attention choice . A higher inflation rate increases B while
it leaves A unaffected. Thus, attention jumps discretely from v, 1 to a higher level given by v, g =

1 > when inflation exceeds some threshold 7.**

1
- 2\xp2o2

Figure 11 shows 7 graphically as a function of w.** The figure illustrates that optimal attention
to inflation takes on two values, depending on the level of inflation. If inflation is relatively low

(below 4% in the Figure), v = ~, 1. as the cost of paying attention is too high relative to the benefits

42The arguments in Matéjka and McKay (2015) and Mackowiak et al. (2023) regarding the optimality and uniqueness
of Gaussian signals also apply to the interior solution in my case, i.e., once the fixed cost is paid. At the corner solution,
where attention is equal to the free level of attention +y, 1, any signal family that yields the required posterior variance
is costless; thus Gaussian signals are still optimal but not uniquely so at that point. To keep the model tractable, I
assume that the free signals are Gaussian.

43Proposition 2 and the statements following the Proposition require that v, g € [Yx.1,1]. If this would not be the
case, the agent would never pay more attention than v, r.

4T assume a linear functional form for A(r) = max{0,a — br} with a = 0.09 and b = 1/112. The rest of the
parameters is set as follows: v, = 0.18, xy =1, p = 1, A = 0.255 and o2 = 3. This results in v, g = 0.35. These
parameters are chosen to be consistent with the empirical results.

49



of paying more attention. As inflation passes the threshold at 4%, however, attention immediately

jumps up to vy g =1 L

 22xpRoZ”
Figure 11: Optimal attention
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Notes: This figure illustrates Proposition 2 graphically, i.e., the figure shows optimal attention to inflation, 77, as a
function of the level of inflation 7.

How high attention is once it jumps, depends on the cost parameter A (but not A(w)), as well as
the stakes x. If the cost of information is lower or the stakes are higher, «, g is higher. Additionally,
Y. depends positively on the perceived persistence p, and the prior uncertainty o2. All of these
parameters, as well as the fixed cost A(rm), also affect the threshold 7. Thus, v, g as well as the

threshold are endogenous and are the outcome of the attention choice problem.
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B Appendix to Empirical Section 2

In this section, I discuss a wide range of robustness checks and sensitivity analyses related to my

main findings in Section 2.

Median expectations. The results for median expectations are similar, as the second row in Table
4 shows (the first row replicates the baseline results for comparison). Attention in both regimes tends
to be somewhat lower when using median expectations and the attention threshold higher. Median
expectations tend to be less volatile than average expectations, therefore, it is not surprising that
the estimated attention levels—capturing the updating gains—are lower for median expectations.
Nevertheless, the null hypothesis that the two attention levels across regimes are equal is marginally
rejected (with a p-value of 0.058, see last column). Again, I find that the Bayesian information

criterion selects having one threshold only.

Table 4: Estimated attention levels and the attention threshold
Threshold 7 Low Att. 4, High Att. 4.5 p-val. Ho: Yor = Yam

Mean expectations 3.91% 0.18 0.35 0.000
s.e. (0.018) (0.042)
Median expectations 4.44% 0.16 0.22 0.058
s.e. (0.018) (0.030)
Quarterly frequency 3.21% 0.14 0.38 0.013
s.e. (0.031) (0.099)

Notes: This table shows the results from regression (4), where 7 denotes the estimated threshold, Yr,r and 4 g the
estimated attention levels when inflation is below or above the threshold, respectively. The last column shows the
p-value for the null hypothesis that the two attention levels are equal. Standard errors for the attention estimates are
computed using the delta method, based on Newey—West heteroskedasticity- and autocorrelation-robust covariance
estimates with 12 lags.

Quarterly observations. The last two rows in Table 4 show the results when using observations at
quarterly frequency for the period 1960Q2-2023Q2. We see that the estimated threshold is somewhat
lower at 3.21%. The estimated attention levels within regime are very similar to the baseline monthly

specification and again, the difference in attention across regimes is highly statistically significant.

Alternative threshold-defining variables. When I use average inflation of the last three months
as the threshold-defining variable instead of the last month’s inflation rate, I estimate a threshold at
3.45% and attention levels of v, , = 0.18 and ~, gy = 0.33.

When using the BIC to select whether to use the last-period’s inflation rate or the inflation
volatility as the threshold-defining variable, the data prefer using the level rather than the volatility.
To arrive at this finding, I first estimate a GARCH(1,1) model for quarterly inflation and then use
the predicted time-varying volatility as the threshold defining variable. Consistent with my baseline
results, I find that the specification with only one threshold is preferred to specifications with multiple

thresholds, and the estimated attention parameters are similar: when last-period’s volatility was
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below the threshold, the implied attention parameter is 0.23 and it increases to 0.31 when inflation
volatility exceeds the threshold. The threshold is at a volatility of 5.25, indicating that about 17%
of the periods fall into the high-attention regime which is lower than the estimated values based on
the specification in terms of levels. A key difference of the volatility specification compared to my
baseline specification, is that the specification in terms of inflation volatility does not differentiate
between periods of pronounced inflation rises and declines. For example, at the outbreak of the Great
Financial Crisis, quarterly CPI inflation dropped briefly but quite substantially, leading to a spike in
volatility. However, at least households did not seem to pay attention to inflation during that time
period when looking at Google Trends data, which may explain why the specification in terms of

inflation levels is preferred over the volatility specification.*’

Alternative surveys. A drawback of the Survey of Consumers is that it surveys households at most
twice. Therefore, it is not possible to examine how individual households update their expectations
and how they change their updating behavior with the level of inflation. Focusing on mean (and
median) expectations helps to overcome this issue but it also ignores potentially important cross-
sectional information. Therefore, I also estimate the attention levels using individual consumer
inflation expectations from the Survey of Consumer Expectations. When last month’s inflation was
below the threshold of 3.91%, I estimate an attention level of 0.08. When inflation was above the
threshold, attention increases to 0.33, and I reject the null hypothesis that the two estimates are
equal (p-value of 0.000). Thus, I obtain similar, though slightly lower, attention parameters than in
my baseline estimates even though this survey is only available since 2013.

When using the firm expectations from the Survey of Firms’ Inflation Expectations (SoFIE) from
the Cleveland Fed—with the caveat that this data is only available at quarterly frequency and only
since 2018Q2, resulting in only 25 observations—I estimate that attention of firms has increased from
practically 0.07 up to 0.18 as inflation exceeded the threshold of 3.91%.

A multivariate system of inflation expectations. As the perceived law of motion of inflation
is an AR(1) process, inflation expectations under limited attention only depend on prior beliefs and
inflation itself. In principle, however, it could be possible that inflation expectations also depend

t 46

on other variables such as unemploymen To take this into account, I therefore now estimate the

450f course, this may look very different for professional forecasters.
46Kamdar and Ray (2024), for example, show that consumers tend to expect disinflation when expecting an economic
expansion.

92



regression:

e _
Tip1e = Iz <=

Bo,r + 61,L75|t71 + Bor (Wt — Wf‘t,l) ] (34)

+ (1 - ]17Tt—1§7_r>

Bour + Brumi—1 + Bo.m (e — 7Tte|t_1) ] (35)
+ BsUf, 1 + Ba (U = Ufj ) + &, (36)

where fe-1 denotes expectations about unemployment changes and U; are unemployment changes
(see Appendix D.1 for further details). I find that both, 83 and 4, are insignificant (83 = —0.13
and 64 = 0.04 with p-values of 0.332 and 0.337, respectively). The estimated attention-to-inflation
parameters are also barely affected. In fact, I estimate attention in the low regime to be equal to
0.18 and 0.34 in the high regime.

Regional variation. The Survey of Consumers also provides the regions consumers are in, which
allows me to leverage regional variation to test for the robustness of my results. In particular, I
use the four census regions West, North East, North Central (or Midwest) and South. I control for
region fixed effects and estimate that attention is 0.22 with a standard error of 0.023 (standard errors
are robust with respect to heteroskedasticity as well as serial and cross-sectional correlation) when
last-period’s inflation is below the threshold of 3.91%. Attention increases to 0.42 (s.e. of 0.051) when
inflation exceeds the threshold. The two estimates are highly statistically significantly different from
each other (p-value of 0.000). These results indicate that my baseline results remain robust when

considering regional variation.*”

An alternative attention measure. In a recent paper, Bracha and Tang (2025) develop an
alternative measure of (in)attention to inflation. They use the Michigan Survey of Consumers. In
particular, their measure of inattention uses the share of individuals who say that they “Don’t know”
when asked for an estimate of current inflation. I apply their approach to an extended sample covering
1982-2024. I do this at quarterly and monthly frequency. Additionally, I also do this at the regional
level to increase the sample size and to account for possible regional differences.

I then estimate the following threshold regression:

ay,, if 7 <7
VBTt = ' (37)

ag, if m_ >,

where vp7; is the Bracha-Tang inattention measure, such that a higher ypr,; implies more nattention.

47T do not include time fixed effects in this regression. When I do, I find that if inflation is below the threshold
of 3.91%, the estimated attention gain is 0.6 (with a standard error of 0.095), and if inflation is above the threshold,
attention is 1.0 (with a s.e. of 0.122). The difference is highly statistically significant with a p-value 0.009.
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I allow for multiple thresholds in the data and use the BIC to select the number of thresholds. As in
my baseline specification, I find that the data prefer the specification with exactly one threshold.

Table 5 shows the results. The first row shows that the threshold is with 3.39% somewhat lower
than 3.91%. The differences in inattention are significantly different from 0 as the last column
indicates. As the second row shows, when I impose a threshold at 3.91%, I find very similar results.
The estimated inattention levels are similar as for the specification in row 1 and the levels are again
significantly different across regimes. If I additionally include lagged inflation as an independent
variable (not shown in the Table), I find that the results are barely affected and that the coefficients
related to lagged inflation are insignificant in both regimes (with associated p-values 0.45 and 0.7,
respectively). This last finding provides further support that attention moves between two regimes
and stays constant within regime.

The middle and lower part in Table 5 show that in all regions and across both monthly and
quarterly frequency, inattention is higher when inflation is below the threshold, and in most cases,

the differences are significant.

Markov-switching model. Instead of estimating regression (4), I also estimate a
Markov-switching dynamic regression model in which the long-run inflation beliefs 7, the perceived
persistence p, and attention to inflation ~, are allowed to differ across unobserved states. That
implies that I do not need to take a stance on what defines the regimes, in contrast to equation (4)
where I assumed that it is last period’s inflation rate that determines the regimes (see Chapter 22
of Hamilton (1994) for a textbook treatment).

The implied attention estimates are 0.20 and 0.32 for the two states and thus, close to the
estimates from regression (4) of 0.18 and 0.35. When I allow the variance to change with the state, I
estimate attention parameters of 0.2 and 0.34. The implied probability of being in the low-attention
regime from the Markov-switching model is 70% which aligns well with the fact that annualized

quarter-on-quarter CPI inflation was below the threshold 70% of the time.

Smooth changes in attention. My baseline regression imposes that attention to inflation takes
on only two values and jumps from one to the other when inflation exceeds the threshold or falls back
below it. Another possibility is that attention changes smoothly with inflation or inflation volatility.

To test for this, I estimate the two alternative regressions:

Tt raie = Bo + Bimie_s + Ba (1 — mj_s) + Bsmiy (m — mfj_3) + & (38)
Mgy = 0o+ 01y g + 02 (e — mfjy_g) + 03 (mim1 — ma)® (w0 — m_s) + &0, (39)

where (3 captures that attention may change with the past level of inflation and d3 that it may
change with inflation volatility, here measured as the squared change in past inflation.

Again, I use the Bayesian Information Criterion to select which model fits the data best and I
find that the data prefer the threshold specification (4) over the two specifications (38) and (39).
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Table 5: Estimated attention levels and the attention threshold
Threshold 7 Low Att. &y High Att. ag p-val. Hy : ap = oy

Estimated threshold 3.39% 0.11 0.08 0.000
s.e. (0.0038) (0.0050)

Imposed threshold 3.91% 0.10 0.08 0.010
s.e. (0.0059) (0.0094)

Monthly frequency 3.91% 0.10 0.08 0.004
s.e. (0.0056) (0.0077)

Regional analysis

West 3.91% 0.10 0.08 0.277
s.e. (0.0068) (0.0129)

Northcentral 3.91% 0.10 0.07 0.003
s.e. (0.00624) (0.0083)

Northeast 3.91% 0.10 0.07 0.002
s.e. (0.0071) (0.0100)

South 3.91% 0.10 0.08 0.022
s.e. (0.00683) (0.0105)

Regional, monthly

West 3.91% 0.10 0.08 0.073
s.e. (0.0065) (0.0102)

Northcentral 3.91% 0.10 0.07 0.000
s.e. (0.0065) (0.0070)

Northeast 3.91% 0.10 0.07 0.015
s.e. (0.0071) (0.0096)

South 3.91% 0.10 0.09 0.171
s.e. (0.0066) (0.0104)

Notes: This table shows the results from regression (37), where 7 denotes the estimated threshold, @ and ay the
estimated intercepts when inflation is below or above the threshold, respectively. The last column shows the p-value
for the null hypothesis that the two coefficients are equal. Standard errors are robust with respect to heteroskedasticity
and serial correlation (Newey and West (1987) with four lags, twelve lags for the monthly specification).

Additionally, even though the estimated 3 and d3 are statistically significantly different from 0, they
are close to 0 (0.009 and -0.0002, respectively). In the following, I also test whether a combination

of such a ‘smooth-attention model” with my threshold model would perform better.

Attention changes within regime. In Table 1, we saw that attention increases when inflation
exceeds the threshold of 3.91%. But what about changes within regime? To look at this, I estimate

a time series of attention. In particular, I estimate the regression:

5 s = Do + P _s + B2 (e — 7wy _3) + €,

using a rolling-window approach, where each window has a length of five years. I denote the estimated
time series of attention parameters by ., and I compute the window-specific average of the monthly

quarter-on-quarter inflation rate, m;"Y. To then test whether attention within regime is higher when
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inflation is higher, I estimate the following regression:
Yot = O + 51]17r§”923.91 + dome—q + 53]17#”923.917%71 + &, (40)

where 1 a3, Is an indicator that equals one when in period ¢ average inflation over the last twelve
months is above 3.91% and zero otherwise. Thus, d; tells us the difference in attention across regimes,
09 the effect of last-period’s inflation on attention and d3 the additional effect of inflation on attention
in the high-inflation regime.

Table 6 shows the results. We see that attention is significantly higher in the high-inflation regime,
as indicated by the estimate of ;. Yet, inflation does not have any additional significant effect on

attention when accounting for the threshold, as depicted by the last two columns.

Table 6: Attention changes within regime

01 02 03
Regression results  0.08*  -0.002  0.001
s.e. (0.037) (0.004) (0.007)

Notes: This table shows the results from regression (40). Standard errors are robust with respect to heteroskedasticity
and serial correlation (Newey and West (1987) with 12 lags). Significance levels: *: p-value < 0.1, **: p-value < 0.05,
***: p-value < 0.01.

An alternative way to test for changes of attention in addition to the jumps across regimes is to

estimate the regression:

1y =Lm<a (Bo.o + Bromfy_1 + Bor (M — )
+ (1= 1r,<x) (Bow + Brumiy 1 + Pon (m — 7Tf|t,1))

+03 (Wt - Wte\t_l) ‘M1 + Ba - Ty -1 + 6y

where (3 and (4 capture that the perceived persistence and the attention parameter may depend

on last-period’s inflation in addition to the changes across regimes. I estimate Bg = 0.0037 (with

a standard error of 0.0033 and a p-value of 0.26), and 54 = —0.0031 (with a standard error of
0.0057 and a p-value of 0.60). When ignoring the effects coming from f3 and Sy, the attention
parameters are Y = % = 0.20 and Yr g = gfi = 0.31. When accounting for the changes
in attention through f; and (4 the implied attention parameters are 4, = % = 0.21 at
N .
m—1 = 2% and Y, g = % = 0.34 at m;_; = 5%. Overall, these estimated attention parameters
N :

are quantitatively close to the ones from my baseline estimation of 0.18 and 0.35. As furthermore
the interaction terms are insignificant, these findings suggest that the threshold model of attention

captures the data well.

Long-run expectations. [ now turn to long-run expectations. In particular, I consider an exercise

that also offers an alternative view and test of my baseline results and the model of short-run
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expectations. To do so, I rely on the Michigan Survey of Consumers and use the average response
to the question “What about the outlook for prices over the next 5 to 10 years?” as my measure of
long-run expectations. This series is consistently available since 1990. Let me denote this long-run

forecast m§ Rlt- I then run the following threshold regression:

Tirp = Lrr<r (Bor + Bromsy s + Bar (1 — 75s_3))

(41)
+ (1= 1ry<7) (Bou + Brumi—s + Pom (m — 7Tt€\t73>) + e,

which is the exact same regression as my baseline regression (4) except that the dependent variable
is now the long-run expectation.

Note that the way I solve the New Keynesian model in Section 4 is that I assume that agents do
not foresee regime changes, and instead act as if they would remain in the current regime forever.

Thus, their long-run forecasts (in a given regime) are given by:

7Tte+h\t =m(l - ﬁﬁ) + ﬁZ (7Tte|t4 + Yu (e — ﬂ-te\tfl)) + N (42)

Therefore, we have 3y = w(1—pl), 1 = g, and By = pl7y,. Hence, by computing g—f, I should obtain

similar attention estimates as in my baseline regression, and by extension, also a similar threshold.
Table 7 shows the results. The results are indeed quite similar to my baseline results, consistent
with the theory. The estimated threshold is at 4.66%, somewhat higher than my baseline (but close to
the estimate when using median expectations, see Table 4 above). The estimated attention parameter
in times inflation is below the threshold is 0.18, and it increases to 0.33 when inflation exceeds the

threshold.*® These estimates are very close to my baseline estimates of 0.18 and 0.35.

Table 7: Estimated attention levels and the attention threshold for long-run expectations
Threshold 7 Low Att. 4, High Att. Y,z

Mean expectations 4.66% 0.18 0.33
s.e. (0.039) (0.267)

Notes: This table shows the results from regression (41), where 7 denotes the estimated threshold, Yz, and A g the
estimated attention levels when inflation is below or above the threshold, respectively. Standard errors are robust with
respect to heteroskedasticity.

Long- and short-run expectations are correlated (see, e.g., Aruoba (2020); Fisher et al. (2025)),
and hence, long-run expectations could also affect my attention estimates that are based solely on
short-run expectations. To control for this, I re-run the threshold regression (4) while additionally
controlling for long-run expectations. Table 8 shows the results. The estimated attention threshold
is completely unaffected. The estimated attention parameter in the low-attention regime increases
slightly from 0.18 to 0.19, and in the high-attention regime it decreases from 0.35 to 0.3. The

coefficients on long-run expectations are 0.08 in the low-attention regime (with a s.e. of 0.034, p-

48The standard errors for 4, g are quite large because the sample here is restricted to after 1990, and hence, there
are not that many observations in which inflation was above the threshold.
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value of 0.02), and 0.06 in the high-attention regime (s.e. 0.06, p-value 0.337). Hence, the coefficient
on long-run expectations in the low-attention regime is statistically significant. The magnitude,
however, is small. A 1 percentage point higher long-run forecast means that short-run expectations

are on average 0.08 percentage points higher (in the low-attention regime).

Table 8: Estimated attention levels and the attention threshold for long-run expectations
Threshold 7 Low Att. 4, High Att. Y, x

Mean expectations 3.91% 0.19 0.30
s.e. (0.016) (0.036)

Notes: This table shows the results from regression (4), while controlling for long-run expectations. Standard errors
are robust with respect to heteroskedasticity.

Gasoline prices. Gasoline prices are a key predictor of inflation expectations (Coibion and
Gorodnichenko, 2015b). To test whether accounting for gasoline price expectations affects my
baseline results, I re-estimate my baseline threshold regression (4) while additionally controlling for
the 1-year-ahead gasoline price expectations from the Michigan Survey of Consumers, lagged by one
month. This series is available from 1982-1992, and then from 2005 until the end of my sample.
The estimated attention parameters are 4, = 0.19 and 4, g = 0.29 (compared to 0.18 and 0.35 in
my baseline estimation). The gasoline-price coefficients are positive in both regimes, but only the
one in the low-attention regime is statistically significantly different from 0.* The results are very
similar when using actual gasoline prices instead of expectations. For this, I use the West Texas
Intermediate (WTI) Crude oil price. The implied attention gains are 0.20 and 0.30, and the oil
price coefficient is only significant in the low-attention regime. The magnitude of the oil price

coefficient is somewhat higher than when considering gasoline-price expectations.

One-year-ahead expectations. As my baseline in Section 2, I focus on one-quarter-ahead
expectations and compare them to quarter-on-quarter inflation. When using one-year-ahead
expectations and comparing them to year-on-year inflation instead (and using last month’s y-o-y
inflation), I estimate an attention threshold at 5.03% and that attention increases from 0.54 to 1.22
from the low-attention to the high-attention regime. The difference between the two is highly

statistically significant with an associated p-value of 0.000.

Professional forecasters. Professional forecasters behave quite differently from households and
firms. To show this, I run my baseline regression using average 3-month-ahead CPI inflation
expectations from the Survey of Professional Forecasters from the Philadelphia Fed. According to

the Bayesian Information Criterion, the data prefer the specification with only one regime. The

49The gas-price-expectations coefficient in times of low attention is 0.015 (with s.e. of 0.007) and in times of high
attention, it is 0.008 (with s.e. 0.006). The standard deviation of gas-price expectations over the whole sample is 9.4%.
Hence, a coefficient of 0.01 means that a one standard deviation increase in gas price expectations increases inflation
expectations by 9.4 basis points.
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estimated attention parameter is 0.13. This very low updating gain is close to the one estimated in
Coibion and Gorodnichenko (2012) for professional forecasters, and consistent with evidence of
strongly anchored and stable inflation expectations of professional forecasters (see, e.g., Reis
(2022a,b); Coibion and Gorodnichenko (2025)). Through the lens of the model, a likely explanation
of these findings is that professional forecasters’ prior uncertainty is very low. However, there is also
substantive evidence that professional forecasters behave strategically (Gemmi and Valchev, 2023).
Such strategic behavior is not captured in my model.

If T enforce a threshold, I estimate this threshold to be at an inflation rate of 3.92%, which is
practically identical to the one of 3.91% that I estimate for households. The estimated attention
parameters are 4, = 0.07 and 4, g = 0.17. Thus, professional forecasters also update their short-
run inflation expectations more strongly when inflation is above 4%. The differences across regimes

and the degrees of updating overall, however, are smaller than for households.
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C Additional Results and Robustness to Section 3
C.1 Other shocks

Inflation shock. Angeletos et al. (2020a) estimate a VAR including 10 key macroeconomic
variables and then identify different shocks by maximizing their contribution to the volatility of a
given variable over business-cycle frequency (6-32 quarters). I use their shock that contributes most
to the volatility of inflation (using the GDP deflator, as in Angeletos et al. (2020a)). These shocks
are available at quarterly frequency and span the period 1960 until the end of 2017. I use the
previous quarter’s CPI inflation as an indicator of whether the economy is in the high-attention
regime or the low-attention regime (i.e., was the previous annualized CPI inflation rate above or
below 4%.)

The dependent variable is the change in the log of the GDP deflator (times 100) from quarter
t — 1 to quarter t + h. Figure 12 shows the results. As in the specification with oil news shocks,
inflation responds about twice as much to the inflation shock when hit in the high-attention regime
compared to the low-attention regime. As panel (d) shows, these differences are highly statistically
significant and quite persistent: the difference is largest 10 quarters after the shock and still highly

statistically significant.

Monetary policy shocks. In Figure 13, I show that inflation also responds more strongly in the
high-attention regime to monetary policy shocks identified using a high-frequency identification (the
shocks are taken from Jarocinski and Karadi (2020) and are purged from the information effects
of monetary policy statements; I show here the shocks identified using sign restrictions, but the
results are practically identical when using the shock series based on the “poor-man approach”). A
drawback of using these monetary policy shocks, however, is that they are only available for the
period 1990-2019. In particular, there are 49 months out of 353 in which quarter-on-quarter CPI
inflation was above 4% during that period, so about 14% of the time, whereas in the full sample
the economy spends about 30% of the time in the high-attention regime. Thus, the sample does
not include most of the high-inflation periods. Therefore, while the differences across regimes are

substantial in magnitude, the differences are less statistically significant.
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Notes: This figure shows the cumulative price level (using the GDP deflator) response to the shock of Angeletos et al.
(2020a) that targets inflation in the high-attention regime (panel (a)), the low-attention regime (panel (b)), on average
across regimes (panel (c)), and the difference between the two regimes (panel (d)). The dark shaded areas depict the
68% confidence bands and the light-shaded area the 90% confidence bands. Standard errors are robust with respect
to serial correlation and heteroskedasticity (Newey and West (1987) with 4 lags). The attention regimes are defined

Figure 12: Price level response to the shock targeting inflation

(a) High-Attention Regime
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based on the previous quarter’s CPI inflation rate.
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Figure 13: Inflation response to a monetary policy shock

(a) High-Attention Regime
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Notes: This figure shows the inflation response to a monetary policy shock in the high-attention regime (panel (a)),
the low-attention regime (panel (b)), on average across regimes (panel (c)), and the difference between the two regimes
(panel (d)). The dark shaded areas depict the 68% confidence bands and the light-shaded area the 90% confidence
bands. Standard errors are robust with respect to serial correlation and heteroskedasticity (Newey and West (1987)
with 12 lags). The shocks are from Jarociniski and Karadi (2020) and are based on a high-frequency identification and

cleaned from information effects of monetary policy.
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C.2 Robustness analysis

Using Google Trends as the threshold-defining variable. Instead of using the lagged inflation
rate as the threshold-defining variable, I now use Google Trends data to define the regimes. As this
data is only available since 2004, the high-attention regime largely coincides with the recent inflation
surge. I use the same control variables as in my baseline specification and I further include four lags
of the number of Google searches as control variables. Figure 14 shows the results. They confirm the
baseline results that inflation responds substantially and significantly more to supply shocks when

attention to inflation is high.

Figure 14: Inflation response to an oil supply shock with Google data as threshold-defining variable
(a) High-Attention Regime (b) Low-Attention Regime
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Notes: This figure shows the inflation response to an oil supply news shock in the high-attention regime (panel (a)),
the low-attention regime (panel (b)), on average across regimes (panel (c)), and the difference between the two regimes
(panel (d)). The attention regimes are defined based on the number of Google searches of the word inflation in the
current month. The dark shaded areas depict the 68% confidence bands and the light-shaded area the 90% confidence
bands. Standard errors are robust with respect to serial correlation and heteroskedasticity (Newey and West (1987)
with 12 lags).

Oil price response. Figures 15 and 16 show the responses of the real and nominal oil price,

respectively, to a negative oil supply news shock for the two attention regimes (panels (a) and (b)),
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the average response in panel (c), and the difference across regimes in (d). We see that the differences
across regimes are not significant at the 10% significance level at any horizon, indicating that the
differences in the inflation responses discussed in section 3 are unlikely to be driven by different oil

price responses.

Figure 15: Real oil price response to an oil supply news shock
(a) High-Attention Regime (b) Low-Attention Regime
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Notes: This figure shows the real oil price response to an oil supply news shock in the high-attention regime (panel (a)),
the low-attention regime (panel (b)), on average across regimes (panel (c¢)), and the difference between the two regimes
(panel (d)). The dark shaded areas depict the 68% confidence bands and the light-shaded area the 90% confidence
bands. Standard errors are robust with respect to serial correlation and heteroskedasticity (Newey and West (1987)
with 12 lags). The attention regimes are defined based on the previous month’s inflation rate.
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Figure 16: Nominal oil price response to an oil supply news shock

(a) High-Attention Regime (b) Low-Attention Regime
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Notes: This figure shows the nominal oil price response to an oil supply news shock in the high-attention regime
(panel (a)), the low-attention regime (panel (b)), on average across regimes (panel (c)), and the difference between
the two regimes (panel (d)). The dark shaded areas depict the 68% confidence bands and the light-shaded area the
90% confidence bands. Standard errors are robust with respect to serial correlation and heteroskedasticity (Newey
and West (1987) with 12 lags). The attention regimes are defined based on the previous month’s inflation rate.
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Unemployment response. Figures 17 and 18 show the responses of the unemployment rate
(excluding the Covid period 2020-2023 and including it, respectively) to a negative oil supply news
shock for the two attention regimes (panels (a) and (b)), the average response in panel (c), and the
difference across regimes in (d). We see that the differences across regimes are not significant at any
conventional significance level at any horizon, indicating that the differences in the inflation
responses discussed in section 3 are unlikely to be driven by generally more responsive

macroeconomic variables.

Figure 17: Unemployment response to an oil supply news shock

(a) High-Attention Regime (b) Low-Attention Regime
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Notes: This figure shows the unemployment rate response to an oil supply news shock when excluding the Covid-19
period (2020-2023) in the high-attention regime (panel (a)), the low-attention regime (panel (b)), on average across
regimes (panel (c¢)), and the difference between the two regimes (panel (d)). The dark shaded areas depict the 68%
confidence bands and the light-shaded area the 90% confidence bands. Standard errors are robust with respect to
serial correlation and heteroskedasticity (Newey and West (1987) with 12 lags).
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Figure 18: Unemployment response to an oil supply news shock including Covid

(a) High-Attention Regime
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Notes: This figure shows the unemployment rate response to an oil supply news shock when including the Covid-19
period (2020-2023) in the high-attention regime (panel (a)), the low-attention regime (panel (b)), on average across
regimes (panel (c)), and the difference between the two regimes (panel (d)). The dark shaded areas depict the 68%
confidence bands and the light-shaded area the 90% confidence bands. Standard errors are robust with respect to
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serial correlation and heteroskedasticity (Newey and West (1987) with 12 lags).
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Covid. Figure 19 shows the inflation response to a negative oil supply news shock for the two
attention regimes (panels (a) and (b)), the average response in panel (c), and the difference across
regimes in (d) when excluding the Covid period 2020-2023. We see that the differences across regimes

are slightly weaker than for the baseline case in Figure 3 but still substantial.

Figure 19: Inflation response to an oil supply news shock excluding Covid

(a) High-Attention Regime (b) Low-Attention Regime
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Notes: This figure shows the inflation response to an oil supply news shock when excluding the years 2020, 2021, 2022
and 2023 in the high-attention regime (panel (a)), the low-attention regime (panel (b)), on average across regimes
(panel (c)), and the difference between the two regimes (panel (d)). The dark shaded areas depict the 68% confidence
bands and the light-shaded area the 90% confidence bands. Standard errors are robust with respect to serial correlation
and heteroskedasticity (Newey and West (1987) with 12 lags).
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Excluding the Great Inflation period. Figure 20 shows the inflation response to a negative
oil supply news shock for the two attention regimes (panels (a) and (b)), the average response in
panel (c), and the difference across regimes in (d) when excluding the Great inflation period, i.e.,
when excluding observations before 1990. We see that the differences across regimes are even slightly

stronger than in the baseline specification.

Figure 20: Inflation response to an oil supply news shock after 1990

(a) High-Attention Regime (b) Low-Attention Regime
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Notes: This figure shows the inflation response to an oil supply news shock when excluding the years prior to 1990,
in the high-attention regime (panel (a)), the low-attention regime (panel (b)), on average across regimes (panel (c)),
and the difference between the two regimes (panel (d)). The dark shaded areas depict the 68% confidence bands and
the light-shaded area the 90% confidence bands. Standard errors are robust with respect to serial correlation and
heteroskedasticity (Newey and West (1987) with 12 lags).
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Role of control variables. Figure 21 shows the inflation response to a negative oil supply news
shock for the two attention regimes (panels (a) and (b)), the average response in panel (c¢), and the
difference across regimes in (d) when not including any control variables. We see that the differences

are still substantial, but the estimates, especially in the high attention regime, are noisier.

Figure 21: Inflation response to an oil supply news shock (no controls)

(a) High-Attention Regime (b) Low-Attention Regime
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Notes: This figure shows the inflation response to an oil supply news shock when using no control variables in the
high-attention regime (panel (a)), the low-attention regime (panel (b)), on average across regimes (panel (c)), and
the difference between the two regimes (panel (d)). The dark shaded areas depict the 68% confidence bands and
the light-shaded area the 90% confidence bands. Standard errors are robust with respect to serial correlation and
heteroskedasticity (Newey and West (1987) with 12 lags).

Figure 22 shows the effects when controlling for four lags of the shock, inflation, and the
unemployment as well as the interaction of those variables with a regime-dummy (for all four lags).
The standard errors for the high-attention regime estimates increase. But the difference across
regimes still remains significantly different from 0 at the 10% in the first two months, and the

overall results align with the results in Figure 3.
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Figure 22: Controlling for regime-dependent macroeconomic variables

(a) High-Attention Regime (b) Low-Attention Regime
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Notes: This figure shows the inflation response to an oil supply news shock (equation (5)) in the high-attention regime
(panel (a)), the low-attention regime (panel (b)), on average across regimes (panel (¢)), and the difference between
the two regimes (panel (d)). The controls include four lags of the shock, inflation, and the unemployment as well as
the interaction of those variables with a regime-dummy (for all four lags). The dark shaded areas depict the 68%
confidence bands and the light-shaded area the 90% confidence bands. Standard errors are robust with respect to
serial correlation and heteroskedasticity (Newey and West (1987) with 12 lags).
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Price-level response. Figure 23 shows the case where the dependent variable is the cumulative
change in the price level: P, — P,_1, where P, is the natural logarithm (times 100) of the price
level using the CPI. We see from Figure 23 that the results are similar to the baseline case in Figure
3: inflation responds almost twice as strongly in the high-attention regime and the differences are

highly statistically significant in the first few months.

Figure 23: Price level response to an oil supply news shock
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Notes: This figure shows the cumulative price level (using the CPI) response to an oil supply news shock in the
high-attention regime (panel (a)), the low-attention regime (panel (b)), on average across regimes (panel (c)), and
the difference between the two regimes (panel (d)). The dark shaded areas depict the 68% confidence bands and
the light-shaded area the 90% confidence bands. Standard errors are robust with respect to serial correlation and
heteroskedasticity (Newey and West (1987) with 12 lags). The attention regimes are defined based on the previous
month’s inflation rate.

Alternative attention measures. Figure 24 shows the interaction effect of the inattention
measure based on Bracha and Tang (2025) and the oil supply news shock. The response is
normalized to show the effect of a one standard-deviation shock with the inattention measure being
one standard deviation above its mean. The coefficients have been normalized such that a higher
value indicates a more inflationary effect in times of higher attention. I use regional data to

construct the measures and I control for time- and regional fixed effects in the local projections, as
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well as four lags of the inattention measure and four lags of regional inflation. If inattention is
higher, oil supply news shocks are less inflationary and these effects are often significant in the first
10 months. These findings thus support the findings in Section 3, using a different measure of

(in)attention to inflation.

Figure 24: Alternative measure of inattention and inflation response
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Notes: This figure shows the inflation response to an oil supply news shock. In particular, it shows the interaction term
of the Bracha-Tang measure of inattention with the shock (for a one standard deviation shock and the Bracha-Tang
measure being one standard deviation above its mean) when controlling for time and region fixed effects, as well as
four lags of the inattention measure and four lags of regional inflation. The coeflicients have been normalized such
that a higher value indicates a more inflationary effect in times of higher attention. Standard errors are robust with
respect to heteroskedasticity as well as serial and cross-sectional correlation.

Alternative regional measures of Google Trends. For my baseline measure of Google Trends
at the regional level, I average across all states within the different regions. Within every state,
Google Trends are normalized such that the highest value is set to 100. A value of 100 in Texas,
however, might not be the same as 100 in Florida. I therefore consider two alternatives. In the
first one, for every census region, I use the region’s largest state’s Google searches as the measure of
attention of that region. Second, I use the smallest state’s Google searches. Both according to their
2024 population.”® Thus, the Google Trends data used in these exercises does not feature any within
region cross-sectional differences. Differences across regions are absorbed via the region fixed effects.
Figure 25 shows the results. The results are similar to my baseline estimates, even though the ones

using the smallest states (panel (b)) are somewhat noisier.

50The largest states are New York, Texas, California and Illinois. They account for about 30% of the US population,
and about 35% of U.S. GDP according to the BEA in 2023. The smallest states are Vermont, Delaware, North Dakota,
and Wyoming.
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Figure 25: Interaction with Google Trends using the Largest and Smallest States Only
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Notes: This figure shows the inflation response to an oil supply news shock. In particular, it shows the interaction
term of Google Trends with the shock (for a one standard deviation shock and Google Trends being one standard
deviation above its mean) when controlling for time and region fixed effects, as well as four lags of Google Trends
and four lags of regional inflation. Instead of using an aggregate measure of Google Trends for every region, I here
use Google Trends of the largest (panel (a)) and smallest (panel (b)) state (in terms of population in 2024) within
every census region. Standard errors are robust with respect to heteroskedasticity as well as serial and cross-sectional

correlation.
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Expectations and inflation. Figure 26 shows the response of inflation forecasts to an adverse
oil supply news shock using average expectations from the Survey of Consumers (black-solid line)
together with the response of actual inflation (blue-solid line). The response of expectations is shifted
such that the vertical distance between the two lines captures forecast errors. Consistent with the

model, we see that expectations initially undershoot, followed by a delayed overreaction.

Figure 26: Inflation and expected inflation
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Notes: This figure shows the response of inflation forecasts using average expectations from the Survey of Consumers
(black-solid line) together with the response of actual inflation (blue-solid line). The response of expectations is
shifted such that the vertical distance between the two lines captures forecast errors. The shaded areas depict the
68% confidence bands, standard errors are robust with respect to serial correlation and heteroskedasticity (Newey and
West (1987) with 12 lags).

C.3 The Role of Attention in the Post-Covid Inflation Surge

In this section, I show that the increase in people’s attention to inflation played a quantitatively
important role in the post-Covid inflation surge in the United States.”® The black-solid line in Figure
27 shows the evolution of CPI inflation for the period 2020-2023.

To quantify the importance of the change in attention and of oil supply shocks, I estimate the
counterfactual evolution of CPI inflation when only considering oil supply news shocks starting in
April 2021, which is when inflation exceeded 3.91% and thus, the economy entered the high-attention
regime.”” I do this twice: once, taking the increase in attention into account, and once, without the
increase in attention. For the case with the increase in attention, I therefore feed in the identified oil

supply shocks from April 2021 until the end of 2022 using the estimated impulse response functions

5LA similar approach is, e.g., used in Coibion (2012) who analyzes the historical contribution of monetary policy
shocks to industrial production, unemployment and inflation, or by Mitra (2023) who examines the role of noise shocks
for the dynamics of labor markets.

52T ignore all previous shocks, i.e., I compute the counterfactuals as if the economy was in steady state in April 2021
and that there were no shocks before that period. Thus, the reported results in this section are likely to be at the lower
end of the actual importance of attention for the inflation dynamics, given that inflation was already increasing before
and that the supply shocks in the first three months of 2021 were all negative (i.e., inflationary). Consistent with early
2021 being the time attention increased, Hilscher et al. (2025) document a rise in the probability of persistent high
inflation for the U.S. in mid-2021. Reis (2022a) also documents that household inflation expectations in mid-2021 were
not very well anchored any more.
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from panel (a) of Figure 3. The blue-dashed line shows the implied inflation rate. We see that
the shape of the implied inflation rate is similar to the actual inflation rate, and they both peak in
mid-2022. Furthermore, even though I only consider oil supply shocks and abstract from all other
potential exogenous drivers of inflation, the implied inflation rate increases from the initial value
of 4.1% up to almost 6.55%. Thus, the oil supply shocks account for about 50% of the additional
increase from early 2021 until mid-2022. This is consistent with the findings in Shapiro (2024) who
estimates the supply-driven part of (PCE) inflation in 2022 to be of similar magnitude.”

Figure 27: Supply shocks, attention and the post-Covid inflation surge
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Notes: This figure shows the actual U.S. CPI inflation from 2020 until 2023, as well as the counterfactual inflation
dynamics arising only from oil supply news shocks in the economy accounting for the increase in attention in April
2021 (blue-dashed line) and in the economy ignoring the increase in attention (red-dotted line).

How much of this is due to the increase in attention? The red-dotted line shows that if there had
not been an increase in people’s attention, that is when relying on the estimated impulse response
functions from the low-attention regime (panel (b) in Figure 3), the implied inflation increase from
April 2021 until mid-2022 would have only been about 1.1 percentage points (compared to the 2.55pp.
when accounting for people’s change in attention). These results suggest that the rise in the public’s
attention to inflation was quantitatively important in driving inflation further up in response to
supply shocks during the recent inflation surge, and that without the increase in people’s attention,

supply-driven inflation would have been less than half as high as it was.

D Model Derivations and Calibration of -,

Derivation of equation (22). Linearizing the Euler equation (8) yields:

Ct = Cf+1|t - (it - 7T23+1|t — (2 — Zf+1\t)) . (43)

53Even though I focus on supply shocks, the increase in people’s attention to inflation in 2021 likely also increased
the inflationary effects of demand shocks, such as monetary stimulus, given that I also find demand shocks to be more
inflationary in times of higher attention (Figure 13).
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The household holds rational expectations

The representative household therefore needs to form expectations about future consumption ¢

: ) . .
inflation T )t Fife-

about the shock, so 2} = Eizi11, where Ey(-) denotes the rational expectations operator, and since

and the exogenous preference shock z

2z follows an AR(1) process with persistence p,, it follows that zf+1| = Bz = peae

In order to express equation (43) in terms of the output gap, we need to derive the efficient
allocation, i.e., the one that prevails in the economy with fully flexible prices. From the production
function, we have Y;* = H. The real wage is constant w; = 1. From the labor-leisure equation (9),

we get that potential output is therefore also constant and equal to:

Y, =

(1]

- (44)

Thus, potential output in log-deviations is 0. The Euler equation in the flexible-price economy is

therefore given by:
0=— (Tt — (2 — zfﬂ‘t)) .

Since the natural rate is defined as the real rate that prevails under flexible prices, r;, it follows
directly that:

= 20— Zie (45)

Substituting z; — with 7 in (43) and using that ¢; = y; = x4, since potential output is 0, yields

Ziip
the IS equation (22):

Tt = Ciynp — (it = i) — 7“:) : (46)

e
t+1¢

¢; = x4 in equilibrium. This holds true, even if the household does not know that they are equal in

Note, however, that if we assume initial values C(e)\_1 = g1 it follows that cf e = T because

equilibrium. We can thus write equation (46) as:
Ty = Tiy — (it = i) — 7”;) ) (47)
which is equation (22) in the main text.

Derivation of equation (21). To derive the New Keynesian Phillips Curve (21), we start by

maximizing:
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which yields the first-order condition:

(L= e = DRG) it = M (7

t

) N IE_ (Ppi]&) _1> Ptf(j)

= | (P Pi1(j) Yin
~oub ( Pf<(>> 1) ORIk

[ define T; = 1 — 73, and set it to eliminate markup distortions in steady state, i.e., T' = .

Linearizing around the zero-inflation steady state in which P(j) = P for all j, I obtain:
T(e— 1)% [te — epe () + ye — (1 = €)pi] (48)
ZeMC [(—e = Dpe(j) = (=€ = V)py + mey + ye — pi] (49)
0% (o= pa) + ) — e+ 2 () (50)
8y Bl 61)

Grouping terms, using MC' =1, T'= 5 and dividing by % yields:

P) = e [ () + e mes = b+ 20 + P, . (52)

Given the assumptions discussed in Section 4, it follows that Eg 7rg 1= T and p;_1(j) = pi—1 such
that:

pe(j) = [W)t 1+ e(meg =t +py) + 51/17Tt+1\t} : (53)

1
Vte
Therefore, the optimal price p;(j) is the same for all firms j, p;(j) = py, such that we get:

(0 (pt - pt—1> =€ (mCt - tt) + 5¢Wf+1|t. (54)
—
Dividing by % yields:
€ e
Ty = E (mct — tt) + /87Tt+1\t' (55)
Using mc; = y; and y; = x; and defining cost-push shocks as u; = _itt and the slope parameter

K= 5, I arrive at the linearized New Keynesian Phillips Curve under subjective expectations:

T = KTy + /Bﬂf—&—ﬂt + Uy. (56)
D.1 Unemployment expectations

In order to calibrate the attention parameter with respect to the output gap, 7., I use expectations

about unemployment changes from the Survey of Consumers. The survey asks households whether
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they expect unemployment to increase, decrease or to remain about the same over the next twelve
months. I follow Carlson and Parkin (1975), Bhandari et al. (2025) and Pfauti and Seyrich (2023)
to translate these categorical unemployment expectations into numerical expectations.

Let ¢P, ¢7 and ¢V denote the shares reported at time t that think unemployment will go down,
stay roughly the same, or go up over the next year, respectively. I assume that these shares are
drawn from a cross-sectional distribution of responses that are normally distributed according to
N (14, (04)?) and a threshold a such that when a household expects unemployment to remain within

the range [—a, a| over the next year, she responds that unemployment will remain ”about the same”.

We thus have:
th:@(M) qtvzl_q)(a—ut),
O¢ Ot

which after some rearranging yields:

B 2a
O (1—¢f) — 27 (¢)
,ut:a—atd)_l (1—th).

O

This leaves us with one degree of freedom, namely a. I follow Pfauti and Seyrich (2023) and set
a = 0.5 which means that if a household expects the change in unemployment to be less than half
a percentage point (in absolute terms), she reports that she expects unemployment to be about the
same as it is at the time of the survey. I use data from FRED for the actual unemployment changes
and restrict the sample to end in 2019Q4, due to the extreme behavior of unemployment changes
with the outbreak of the Covid-19 pandemic.

I then estimate v, separately for whether lagged inflation is above or below the estimated threshold
of 3.91%. This results in estimates v, = 0.254 and 7, g = 0.256. Thus, there are practically no
differences in attention to unemployment changes across regimes and hence, I impose v, to be the

same across regimes in the model.
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E Additional Figures and Model Results
E.1 AS-AD representation

To provide intuition for how the attention threshold can trigger self-reinforcing inflation surges, I
use here a slightly stylized version of the model. In particular, I assume that agents are completely
inattentive to the output gap, i.e., 7, = 0, and that the Taylor rule is given by i; = ¢, m; with ¢, > 1.

The economy starts in the steady state, with ug = 0, rj = 0 and prior expectations at their long-
run averages of 0: mo—1 = 0 and g1 = 0. The aggregate supply (AS) curve—derived by plugging

in the inflation expectations in the Phillips Curve—in the initial period is given by:

K

AS()i Wozm

Ty, (57)
and aggregate demand (AD), which follows from combining the Taylor rule with the aggregate Euler

(or IS) equation, is given by:
1

ADO . o = —W
T — ImL

Panel (a) in Figure 28 depicts this initial situation graphically.”® Inflation and the output gap are
both at their steady state values of 0 and therefore, below the inflation attention threshold 7.
In period 1, a positive cost-push shock hits and I assume that it persists for two periods: u; =

uy > 0 and returns to zero afterwards, u; = 0 for t > 3. The AS and AD equations are now given by:

K n 1
= T u
1= Byer " 1= fPyes |

1
ADl : T = —W
T — Jm,L

ASl LT

Z1.

This situation is shown in panel (b) of Figure 28. The cost-push shock shifts the AS curve up along
the AD curve. The resulting equilibrium is characterized by output below potential, i.e., a negative
output gap, and positive inflation. The shock is assumed to be large enough, such that inflation
exceeds the threshold.

Due to the increase in inflation in period 1, firms enter period 2 with positive prior inflation
expectations: mj; = yrrm > 0. These higher prior expectations together with the still ongoing
cost-push shock shift the AS curve further up. This shift is illustrated in panel (c) of Figure 28 by
the ZSQ curve, which is given by:

1O K 1 B(l — Vr H)/YW L
ASy: Mg =——"—1x9+ Uy + ’ =
2 2 1 - 6/77r,L ? } - ﬁfYﬂ,H 2 1 - 577@]-] !
Inter;gpt>0

The terms denoted “Intercept” capture this shift in the AS curve. Since inflation in the previous

54The values I use in this stylized example are: 7 = 4%, Yo, =02, v g =04, =099, kK =0.6, ¢ = 1.05 and
Ul = Uz = 10.
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Figure 28: An illustrative example
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Notes: Panel (a) shows the initial situation in period 0 when the economy is in the steady state. In period 1, a positive
cost-push shock hits the economy, leading to an upward shift of the AS curve (panel (b)). In period 2, the AS curve

shifts further up (shift from AS; to AS 2) and the curve becomes steeper (rotation from ASs to ASz), shown in panel

(¢). Simultaneously, the AD curve shifts out (shift from AD; to AD3) and becomes steeper (rotation from ADs to
ADs), as shown in panel (d). The black-dotted line at @ depicts the inflation attention threshold.

period exceeded the attention threshold, attention is now higher. This increase in attention leads
to an unambiguously stronger effect of the cost-push shock compared to the case in which attention

would have remained constant: | )

1 - 67#,H ? 1- BVW,L

The cost-push shock leads to an increase in inflation, and this inflation increase now leads to a larger

Ug.

increase in firms’ inflation expectations due to their higher attention. These higher expectations then
feed back into higher prices and thus, higher inflation.
The effect of the increase in firm managers’ prior expectations on inflation in the second period,

(1=r, 0 )Vr,L

captured by B o T however, is smaller at the higher attention level. There are two
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counteracting forces. First, the increase in attention means that firm managers now update their
expectations more strongly and put less weight on their prior expectations. This per se leads to a
smaller effect. Second, the higher prior increases overall inflation expectations which, ceteris
paribus, increases current inflation. But because inflation expectations are discounted by 5 < 1, the
first effect dominates. Therefore, the shift in the AS curve due to the higher prior expectations is
smaller at higher attention levels. Quantitatively, however, these differences are very small as
B ~ 1. In fact, if § = 1, the change in attention has no effect on the shift due to higher prior
expectations, and therefore, the total shift of the AS curve is unambiguously higher when attention
is higher, due to stronger effect of the cost-push shock.

The shift of the AS curve to fflt%, however, is only part of the story because the increase in
attention also steepens the slope of the AS curve. That is, the aggregate supply curve becomes
steeper in periods of high attention—a dynamic non-linearity. Taking this into account, the AS

curve in the second period is given by:

K 1 B — Yo r) V.1
ASy: 9= -—-——T5+ Uy + d 2Ty,
e I T S e
——
Slope

This steepening of the AS curve is illustrated in panel (c¢) of Figure 28 by the rotation of the AS
curve from ;1?92 to AS,. This steepening of the AS curve eases the inflationary pressures due to the
negative output gap. Nevertheless, the steeper AS curve implies that if the AD curve would now
shift out, the inflationary effects of this increase in demand would become larger.

It turns out that the higher prior expectations endogenously lead to such a demand increase. This

is illustrated by AD, in panel (d) of Figure 28, which is given by:

— 1 11—, -

Ty = — T +
2 ¢ﬂ_7ﬂ,L ? ¢7r_77r,H

The higher prior expectations, ceteris paribus, decrease the real rate which leads to the outward shift
of the AD curve. These effects, however, are smaller at higher levels of attention as long as the Taylor
principle, ¢, > 1, is satisfied, because in that case the higher inflation rates due to the higher prior
expectations are counteracted by a more than one-for-one increase in the nominal rate. If monetary
policy is relatively dovish, i.e., ¢, is close to 1, these differences are small. Furthermore, since the AD
curve is now shifted along a steeper AS curve due to the heightened attention, the inflationary effects
of a given shift are larger at the higher level of attention. This also implies that additional demand
stimulus—for example, due to loose monetary policy or a fiscal stimulus—would have relatively large
inflationary effects.

Additionally, the AD curve also becomes steeper, as illustrated by the rotation from /fl\l/)g to ADy
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in panel (d), where AD; is given by:

1 1 — v )V
ADs : 772:——352—1—%#

1-
¢7T — VYm,H ¢7r — Vn,H

This leads to a further increase in inflation, especially now because the AS curve is steep. In this
stylized example, inflation increases substantially from period 1 to period 2 through the change in
attention, whereas the output gap remains practically constant. Thus, the attention threshold offers a
potential mechanism for how inflation surges may occur and exhibit self-reinforcing dynamics without

large changes in output.

After the shock. In the third period, when the shock has died out, the AS curve shifts back down.
The AS curve is given by:

K ﬁ(l_’yﬂ,H) e

ASy: M= ——— 23+ .
’ ’ 1_6’77r,H ’ 1_677r,H 512

Due to the positive prior expectations, Ty > 0, the AS curve does not fully shift back to its initial
position but remains above it. Due to the increased steepness of the AD curve, however, the shift in
the AS curve leads to a stronger reduction in inflation compared to a flatter AD curve.

While the AS curve comes back down, the AD curve shifts further out due to the positive prior

expectations that agents have when going into period 3. The AD curve is given by:

1 1—~,
AD3 : T3 — — T3+ . H 7T§‘2.

Thus, output recovers more strongly during this disinflationary period than what would be the case
absent this shift in the AD curve, and disinflation occurs more gradually. These results are shown

graphically in Figure 29.

E.1.1 Testing for changes in the slopes of the AS and AD curve

I now test the predictions how changes in people’s attention to inflation change the slope of the AS
and the AD curve. As the output gap is unobserved, I use the unemployment rate and postulate
a negative relationship between unemployment and the output gap: z; = —Vun,, where un, is the
unemployment rate and —W is some constant. Abstracting from shocks, in any given period ¢, the

AD and AS curves can then be expressed as:

(Or = Var) (L= ma)
AD: uny = T T — v T (59)
6(1 — Tr r)
AS: =——U —_— T . 60
" 1- ﬁfyﬂ',r e 1 - B'%r,r tht_l ( )
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Figure 29: Illustrative example: after the shock has died out
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Notes: This figure depicts the third period in which the cost-push shock has died out (after being positive for two
consecutive periods). The black-dotted line at 7 depicts the inflation attention threshold.

Note that I represent the AD curve with unemployment on the left hand side of the equation, not
inflation. This will help to illustrate the empirical approach I take to estimate the slope of the AD
curve. The theory predicts that a given change in inflation should lead to a smaller increase in the
unemployment rate when attention to inflation is higher, as can be seen from the AD curve. The
reason is that higher inflation leads to a more than one-for-one response of nominal interest rates
via the Taylor rule and the resulting higher real rates increase unemployment. When households are
more attentive, however, their inflation expectations increase more strongly, and hence, the ex-ante
real rate increases by less, so that unemployment increases by less.

For the slope of the AS curve, the theory predicts that a given decrease in the unemployment rate
leads to more inflation when firm managers are more attentive. The reason is that their inflation
expectations increase more strongly and hence, they increase their prices by more.

I test those predictions following the approach in Barnichon and Mesters (2021) and Barnichon
and Mesters (2020). In all specifications, I use regional data on unemployment and CPI inflation,
and I control for region specific fixed effects, as well as for past inflation expectations, as in equations
(59) and (60).

To test the predictions regarding the AD curve, I regress the current unemployment rate on
contemporaneous inflation and instrument inflation with contemporaneous supply shocks. In
particular, I again use the oil supply news shocks from Kénzig (2021).

Columns (1) and (2) in Table 9 show the results. We see that in both regimes the estimated slope
is significantly positive in both regimes and consistent with the theory, it is flatter in times of high
attention. The robust F-statistic is larger than 20 in both regimes.

To test the predictions regarding the slope of the AS curve, I regress inflation on the
unemployment rate and instrument unemployment using monetary policy shocks, as in Barnichon

and Mesters (2021). I use the shocks from Jarocinski and Karadi (2020) as well as from Aruoba and
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Table 9: Empirical AS and AD curve slopes
AD slope AS slope
mo1 <391 w1 >391 w1 <391 mm_;>3091

(1) (2) (3) (4)

Slope estimates 0.25 0.17 —0.38 —0.74
s.e. (0.147) (0.103) (0.113) (0.091)
p-value 0.084 0.088 0.001 0.000
N 1,316 408 728 148
Control for 775 i1 Yes Yes Yes Yes
Region FE Yes Yes Yes Yes
Robust F-stat. 20.89 28.92 10.92 17.28

Notes: This table shows the estimated slopes of the AD (columns (1) and (2)) and the AS curves (columns (3) and
(4)) for the two attention regimes. The last row provides the heteroskedasticity-robust first-stage F—statistic.

Drechsel (2024) to get more power. Consistent with the findings in Barnichon and Mesters (2021), I
find very weak relations when considering contemporaneous effects as well as concerns regarding
weak instruments. This is not surprising given that monetary policy shocks are often claimed to
have delayed effects on unemployment (Aruoba and Drechsel, 2024). Barnichon and Mesters (2021)
show that the relationship between unemployment and inflation strengthens when considering
cumulative changes in those variables over longer horizons. I therefore follow their approach and
use the 12-month-ahead cumulative change in the CPI as my dependent variable and the
12-month-ahead cumulative change in the unemployment rate. For the instruments, I include the
contemporaneous shocks as well as six lags of the shocks.

Columns (3) and (4) in Table 9 show the results. In both regimes, the slope is significantly
negative, and as predicted by the theory, the slope steepens in times of high attention. The robust
F-statistics are > 10 in both cases, even though they are weaker than when considering oil shocks.
This evidence is consistent with the findings in Barnichon and Mesters (2021), who show that the
slope of the AS curve has indeed been flatter after 1990 than before. The time before 1990 largely
coincides with the high attention regime (their sample does not include the recent inflation surge).

A simple back of the envelope calculation shows that the very simple model in equations (59)
and (60) does surprisingly well also quantitatively. The slope of the AD curve is ‘b"% If we fix

¢r = 2, we can back out ¥ from the estimate of the slope in times of low attention. Doing so implies

0.25 = ¢"q_j% = 2*‘%18, from which we obtain ¥ = 7.3. Using this ¥ implies a slope in times of
high attention of 2_7%35 = 0.22 which is not too far from the empirical estimate of 0.17, even though

the empirical findings suggest a somewhat more pronounced change in the slope of the AD curve

1*;’777
slope in times of low attention of —0.5 and in times of high attention of —0.64. Again, the change is

across regimes. The AS curve slope is equal to —W . Using my baseline calibration, I obtain a

somewhat stronger empirically, but given the simplicity of this model and that those predictions are

untargeted, the model does surprisingly well.
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E.2 Additional figures to Section 5.1

In this section, I discuss alternative model specifications and additional sensitivity analyses related

to the model results in Section 5.1.

The long last mile of disinflation. To provide an estimate of the quantitative role of the
attention threshold for the recently observed long last mile of disinflation, I consider the following
counterfactual. I feed in cost-push shocks to my model to perfectly replicate the recent inflation
surge up until inflation fell back below the threshold. After that, I assume that there were no more
shocks and examine what inflation dynamics the model produces endogenously. I do this exercise
for my model featuring the attention threshold and the counterfactual model in which attention
remains high after the inflation surge. Note that replicating the inflation surge before the return to
low attention is important for this exercise as the inflation surge shapes people’s prior expectations
which are an important mechanism for the long last mile of disinflation in my model.

Figure 30 shows the results. The black-solid line shows actual U.S. CPI inflation, the red-dashed
line shows my baseline model with the attention threshold, and the blue-dashed-dotted line shows
the model where attention is constantly high. Up until 2023Q2, the shocks are set to match the
actual inflation perfectly. The rest of the inflation dynamics are endogenously determined within
the respective model. We can see that the model with the attention threshold matches the long
last mile of disinflation almost perfectly. The model where attention remains high, on the other
hand, performs poorly as it would predict a very sharp phase of disinflation and even deflation. Of
course, there were exogenous shocks hitting the U.S. economy also after 2023Q2 that are not directly
considered in this exercise that may have affected the last mile as well. The results in Figure 30,
however, indicate that the net effects of these other forces may be small. If attention remains higher
after the inflation surge, this would dampen the role of the attention threshold for the last mile of
disinflation. But as long as attention does decrease, it contributes to the longer last mile. I discuss

this possibility more extensively below in the discussion of Figure 36.

Figure 30: The last mile of disinflation
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Notes: This figure shows the role of the attention threshold for the last mile of disinflation.
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Alternative model specifications. Figure 31 shows the inflation response to a cost-push shock
for five different models. My model with the attention threshold (labeled “Baseline with threshold”
and depicted by the red-dashed line) shows the discussed hump-shaped pattern of the inflation surge
and the decrease in the speed of disinflation once inflation falls back below the threshold. As the
other four illustrate, these inflation dynamics are unique to the model with the attention threshold.
In particular, the models under FIRE (black-solid line) or in which attention remains low (blue-
dashed-dotted line) predict that inflation peaks on impact and then comes down relatively quickly.
The same is true for the model with a constant attention parameter of 0.24, which corresponds
to the estimated attention level in the data if I do not impose a threshold (the inflation response
is captured by the blue-dotted line). Additionally, models with FIRE could not account for the
observed dynamics of forecast errors. A model variant in which attention to inflation is always high
(red-dotted), on the other hand, can produce the initial hump-shaped response but then predicts
a very fast decline back to target, i.e., this model would not explain why we see such a long last
mile of disinflation. Furthermore, a model in which attention is always high would have predicted a
very pronounced deflationary period after the Great Financial Crisis. However, one thing that the
model with high-attention illustrates, is that the inflation response is hump shaped when attention
is high whereas it peaks on impact when the shock hits in times of low attention, consistent with the

empirical findings (panels (a) and (b) in Figure 5).

Figure 31: Inflation dynamics under FIRE or absent the attention change
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Notes: This figure shows the inflation response to a cost-push shock for different model specifications.

Demand shocks. Figure 32 shows the inflation response to a positive demand shock. We see that
the discussed inflation dynamics after a relatively large supply shock are similar to the ones after
a demand shock: inflation keeps on increasing, fueled by the attention increase, and the speed of
disinflation slows substantially once inflation falls back below the threshold and attention therefore
decreases. Note, however, that the inflation surge is somewhat longer lived than in response to the

supply shock.
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Figure 32: Inflation dynamics after a demand shock

8 T = == = T

T T
—~ .
e - ~ o — =Baseline Model
- [ — Attention Threshold
6 7 ~ |
-, N
¢ ~
~

4 e eeeeeeeeeeee e eeeeeeeeeee e et eeeeeeeeeee e eeee e N s |

I N -

I T~ -

~—
2 *, B
I
0 L L L L L
0 5 10 15 20 25 30

Quarters after shock

Notes: This figure shows the inflation response in the model with the attention threshold in response to a demand
shock r} with persistence p, = 0.55.

Time-varying attention to the output gap. Figure 33 shows the inflation response for the case
in which attention to the output gap, 7., decreases when attention to inflation increases. This may
reflect that agents shift their attention from the output gap to inflation when inflation is high. We
see that the inflation surge becomes more persistent in that case (note that the x-axis now shows
30 periods rather than 20). The reason is that the negative output gap due to the adverse cost-
push shock leads to a smaller downward revision of output gap expectations, thus, agents remain
relatively more optimistic about the output gap, and hence, consume relatively more, leading to

additional upward pressure on inflation.

Figure 33: Inflation dynamics with v, = 0.25 and v, g = 0.1
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Notes: This figure shows the inflation response to a cost-push shock when attention to the output gap decreases in
times of high attention to inflation.

Rational consumption expectations. Figure 34 shows the inflation response to a cost-push
shock when consumption expectations are formed under full-information rational expectations. We
see that the dynamics are qualitatively similar to the baseline model. The endogenous inflation
increase is somewhat muted here because the forward-looking consumption expectations do not induce
endogenous persistence in the way they do in the baseline model. When increasing the exogenous

persistence of the shock slightly, however, the models are very similar (not shown).
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Figure 34: Inflation dynamics with rational consumption expectations
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Notes: This figure shows the inflation response to a cost-push shock when consumption expectations are formed under
full-information rational expectations.

Smooth attention changes. What happens if attention changes smoothly with inflation? The
upper panel in Figure 35 shows the inflation response to a cost-push shock when attention is a linear
function of inflation (blue-dashed-dotted line) together with the inflation response in my baseline
model with a threshold (red-dashed line). The specification I use for attention is v+ = Vr.r + @ - 7,
where v, = 0.18 is set equal to the attention estimate I obtain in the low-attention regime. I
set @ = 7 in which case 7, ; peaks at a similar level as my attention estimate in the high-attention
regime.”” The lower panel of Figure 35 shows the time series of 7, in response to the cost-push
shock.

We see that the two models predict similar though slightly different inflation dynamics. Both
predict a hump-shaped inflation response, a relatively fast first phase of disinflation which then slows
down. The model with a continuous v(m;), however, predicts a somewhat shorter-lived inflation
surge. The reason is that 7, starts falling relatively quickly and hence, the inflationary pressure
from inflation expectations becomes muted. Therefore, inflation itself starts falling which decreases

Yrt further.

Three attention regimes. In a recent paper, Korenok and Munro (2024) show that even though
attention—measured using Google Trends—has decreased as inflation started to come down, it
remained at a higher level than before the inflation surge. To understand how this possibility
affects my model’s predictions, I consider a third regime. In particular, I allow for a third regime in
which attention takes on an intermediate value of 0.24.°° The economy reaches that regime once
inflation falls below the threshold. The economy is assumed to stay in that regime for six quarters
before going back to the low-attention regime. The red-solid line in Figure 36 shows the inflation
response to a cost-push shock in that case. For comparison, the blue-dashed-dotted line shows my
baseline result with two regimes, and the yellow-dotted line shows the counterfactual scenario in

which attention remains at its high level of v,y even after inflation has fallen back below the

55Note, here 7, is quarterly inflation in decimals; whereas the figures report annualized percent.
560.24 is the average attention parameter I estimate when I do not allow for multiple regimes.
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Figure 35: Smooth attention changes
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Notes: The upper panel shows the inflation response in my baseline model (red-dashed line) and in a model in which
attention changes smoothly with inflation (blue-dashed-dotted line). The lower panel plots the dynamics of attention
et (blue-dashed-dotted line). In contrast, the black-dotted line in the lower panel plots the constant low level of
attention.

threshold. We can see that the slowdown in the speed of disinflation is somewhat muted, i.e.,
inflation comes down somewhat faster compared to my baseline model with two regimes. But
nevertheless, there is still a pronounced slowdown in the inflation dynamics, indicating a longer last
mile of disinflation compared to an economy absent a decrease in attention. With three regimes,
there are two, not one, kinks in the disinflation phase. The first one occurs when inflation falls
below the threshold and attention decreases from the high to the medium level. The second one
happens in period 20, when attention decreases further to its low level. As long as there is some
decrease in attention (which is consistent with the findings in Korenok and Munro (2024)), there is

a slowdown in the speed of disinflation through the lens of my model.

No random walk. In the baseline calibration, I assume that the perceived persistence is set to
pr = 1. This random walk assumption ensures that inflation expectations and inflation coincide in
the long run absent any shocks. Hence, I do not need to specify w. I relax this assumption in the

following.
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Figure 36: Inflation dynamics with three attention regimes
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Notes: The blue-dashed-dotted line shows the (annualized) inflation response to a cost-push shock in my baseline
model with two attention regimes, the red-solid line shows the inflation response for the model with three regimes,
and the yellow-dotted line shows the model response if attention remains at its high level of v, r even after inflation
has fallen back below the threshold.

Figure 37 shows the inflation response to a cost-push shock for different calibrations. In all of
them, I set = = 0. This is a conservative assumption as imposing a positive 7 (as observed in the
data) would lead to an upward bias in inflation expectations and hence, ceteris paribus, to more
inflationary pressure. The blue-dashed line shows the baseline case with p, = 1. The red-dotted
line shows the case with p, = 0.95 and the yellow-dashed-dotted line shows the case p, = 0.9.
Qualitatively, the three are all quite similar. Not surprisingly, however, the inflation surge is less
persistent as the model produces less endogenous persistence when p, is lower. I therefore consider
in the lower panel of Figure 37 the case in which the exogenous shock persistence p, is increased from
0.8 to 0.9 and compare the results to my baseline calibration. We see that in this case, the three

inflation responses are also quantitatively very similar.

Time-varying slope of the Phillips Curve. Figure 38 shows the model predictions if attention
remains constant at its low level ~, , but in which the price adjustment cost decreases, reflected in
a temporarily higher x. Decreasing the adjustment-cost parameter is a reduced-form way to capture
the possibility of greater price flexibility. The blue-dashed-dotted line in the upper panel shows the
inflation response to a cost-push shock assuming that x doubles for 10 quarters after the shock. The
lower panel shows the response to a demand shock. In both figures, the red-dashed line shows the
responses in my baseline model with regime-dependent attention but constant x.

The model with fixed attention and time-varying s cannot explain the hump-shaped inflation
response. In the case of the demand shock, disinflation happens very gradually. Thus, that model
may explain the long last mile of disinflation, but it cannot simultaneously explain why disinflation
happened relatively fast initially after inflation peaked. Nevertheless, the empirical evidence shows
that the frequency of price adjustments does fluctuate over time (see, e.g., Blanco et al., 2024).

Figure 39 further provides the inflation dynamics after supply shocks for both small and large
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Figure 37: Inflation dynamics with p, < 1
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Notes: The blue-dashed line shows the (annualized) inflation response to a cost-push shock in the baseline model with
pr = 1 and p, = 0.8. The red-dotted line shows the model with p, = 0.95, and the yellow-dashed-dotted line shows
the model with p, = 0.9.

shocks for the two model specifications. The differences between the baseline model and the time-
varying-+ alternative are smaller for the small shock, since inflation does not cross the attention
threshold and hence attention remains fixed.

A full analysis of endogenous price adjustment frequency and the attention threshold is left for

future work.
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Figure 38: Inflation dynamics with state-dependent
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Notes: The red-dashed line in the upper panel shows the (annualized) inflation response to a cost-push shock in the
baseline model with constant slope of the Phillips Curve x but two attention regimes. The blue-dashed-dotted line
shows the inflation dynamics in response to a cost-push shock in the model with constant attention but in which &
doubles between periods 1 and 10. The lower panel shows the two model responses to a demand shock.

Figure 39: Inflation dynamics with state-dependent
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Notes: The red-solid line shows the baseline response to a large shock in the model with the attention threshold, and
the blue-dashed line shows the response to a large shock in the model with constant attention but in which x doubles
between periods 1 and 10. The green-dashed-dotted line shows the response of the attention-threshold model to a
small shock, and the red-dotted line the model response to a small shock when x doubles between periods 1 and 10.
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